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Kurzzusammenfassung:

Wir evaluieren ein 2020 in Osterreich eingefuhrtes Jobgarantieprogramm
(Modellprojekts Arbeitsplatzgarantie Marienthal (MAGMA)). Unsere Evaluierung
basiert auf drei Anséatzen: einer paarweisen Zufallszuordnung, einem vorregistrierten
synthetischen Kontrollvergleich auf Gemeindeebene und einem Vergleich mit
Personen in Kontrollgemeinden. Dies ermdglicht uns, direkte Effekte,

Erwartungseffekte und Spillover-Effekte zu identifizieren.

Wir stellen fest, dass die Programmteilnahme positive Auswirkungen auf das
wirtschaftliche und nicht-wirtschaftliche Wohlergehen der Teilnehmer_innen hat,
jedoch nicht auf die korperliche Gesundheit oder dkonomische Praferenzen. Auf
Gemeindeebene finden wir eine deutliche Verringerung der Langzeitarbeitslosigkeit
und keine negativen Spillover-Effekte auf die Beschaftigung. Es gibt positive
Erwartungseffekte in Bezug auf das subjektive Wohlbefinden, den sozialen Status

und die soziale Integration bereits vor Programmteilnahme.

Im Verlauf der dreieinhalbjdhrigen Laufzeit von MAGMA verbrachten
anspruchsberechtigte Personen im Durchschnitt 555 Tage mehr in Beschéaftigung.
Dieser Zuwachs ist nicht ausschlief3lich auf die direkte Bereitstellung im Rahmen
geforderter Arbeitsplatze zurickzufuhren, sondern auch auf einen Anstieg der
ungeférderten Beschéftigung um 17 Prozent sowie eine Verdoppelung der Tage in

selbstandiger Erwerbstatigkeit.

Das Programm fuhrte kurzfristig zu einem Anstieg der direkten Kosten fur das AMS.
Diese erhthten Ausgaben wurden jedoch im weiteren Verlauf zunehmend durch
verstarkte Ubergange in ungeforderte Beschaftigung kompensiert, wodurch die
Kosten nach den ersten 18 Monaten wieder zuriickgingen. Der temporare Anstieg der
monatlichen Ausgaben pro Person wurde durch die gestiegenen Einkommen der
Teilnehmer_innen weitgehend ausgeglichen. Das Programm kann finanziell als Erfolg
gewertet werden, wenn der gesellschaftlich zugemessene Wert der (erheblichen)
Verbesserung der Lebenssituation der Teilnehmenden die (geringen) Nettokosten von

102 Euro pro Person und Monat Ubersteigt.

Mogliche unbeabsichtigte Effekte einer Jobgarantie umfassen Anreizwirkungen, etwa
eine verringerte Jobsuche, sowie Gleichgewichtseffekte, wie die Verdrangung anderer
Arbeitsplatze. Wir analysieren diese Mechanismen, finden jedoch keine empirischen

Belege fur ihr Auftreten.



1.Einleitung

Die negativen Auswirkungen von Langzeitarbeitslosigkeit sind hinlanglich bekannt
und gut dokumentiert. Arbeitslosigkeit wirkt sich negativ auf Einkommen,
Gesundheit und Zufriedenheit der Betroffenen aus. Die Wirtschaft leidet darunter,
dass Arbeitssuchende mit zunehmender Dauer der Arbeitslosigkeit ihre beruflichen
Fahigkeiten nicht weiterentwickeln kénnen und diese verlieren. Auch die politische
Stabilitat wird durch den abnehmenden gesellschaftlichen Zusammenhalt gefahrdet.
Diese negativen Auswirkungen wurden hierzulande bereits in den 1930er-Jahren in
der bahnbrechenden Sozialstudie Die Arbeitslosen von Marienthal detailliert
beschrieben (Jahoda et al. 1933).

Lange Zeit galt Osterreich als internationales Vorbild, was die Bekampfung von
Langzeitarbeitslosigkeit  betrifft. Im letzten Jahrzehnt hat sich die
Langzeitarbeitslosigkeit allerdings deutlich erhéht (Abbildung 1). Damit ist das
Thema auch in Osterreich verstarkt in den Mittelpunkt der politischen Debatte

geruckt.

Abbildung 1: Langzeitarbeitslosenrate in Osterreich
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Notiz: Langzeitarbeitslose als Anteil der Erwerbsbevélkerung im erwerbsféhigen Alter.
Quelle: Eigene Berechnungen auf Basis der OECD Arbeitsmarktdatenbank.

Quelle: Eigene Darstellung.

Vor diesem Hintergrund hat die Idee einer Arbeitsplatzgarantie fir Menschen in
Langzeitarbeitslosigkeit erhebliches Interesse geweckt. Das Arbeitsmarktservice
(AMS) Niederdsterreich, hat sich dies zum Anlass genommen, um die Idee im Rahmen

eines Pilotprojekts zu testen. Denn trotz des weitverbreiteten Interesses an einer
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Jobgarantie gibt es nur wenige Belege fur die Auswirkungen solcher Programme. Das
Pilotprojekt zur dMarienthal Jobgarantied, auch dModellprojekt Arbeitsplatzgarantie
Marienthalo (MAGMA) genannt, hat eine fundierte wissenschaftliche Evaluierung

ermdglicht und damit grol3es internationales Interesse auf sich gezogen?.

2.Die Marienthal-Jobgarantie

Die Marienthal-Jobgarantie wurde von Oktober 2020 bis Méarz 2024 in der Gemeinde
Gramatneusiedl vom AMS Niederdsterreich als Pilotprojekt umgesetzt. Der Ort ist
historisch bedeutungsvoll: Der Gramatneusiedler Ortsteil Marienthal war Anfang der
1930er-Jahre Schauplatz einer Studie von Marie Jahoda, Paul Lazarsfeld und Hans
Zeisel mit dem Ziel, die Auswirkungen von Massenarbeitslosigkeit zu erforschen.
Heute evaluieren wir an der Universitat Oxford das Arbeitsplatzgarantieprojekt,
wahrend eine weitere Studie dazu von Hannah Quinz und Jbérg Flecker an der

Universitat Wien durchgefuhrt wurde (Quinz und Flecker 2023).

Die Marienthal-Jobgarantie bat allen Einwohner_innen dieser Gemeinde, die in
Langzeitarbeitslosigkeit waren, also bereits zwolf Monate oder langer einen Job
suchten, einen garantierten Arbeitsplatz.2 Zentrale Eckpunkte des Programms
waren, dass die Teilnahme freiwillig war, die Teilnehmer_innen in ein angestelltes
Arbeitsverhdltnis kamen und kollektivvertraglich entlohnt wurden.® Auf3erdem
wurden die Arbeitspléatze so gestaltet, dass sie den individuellen Bedurfnissen der
Teilnehmer_innen entsprachen und auf Einschrdnkungen Bedacht nahmen.
Besonderes Augenmerk wird darauf gelegt, dass die Tatigkeiten sinnvoll waren o
sowohl fur die Teilnehmer_innen als auch fur die Gesellschaft. Dem Jobangebot im
Rahmen des Programmes ging ein etwa acht Wochen dauerndes Vorbereitungstraining
voraus, das Einzel- und Gruppenberatung, Kompetenzentwicklung und etwaige
Unterstutzung bei der Beantragung von Gesundheitsleistungen umfasste. Bei den
Arbeitsplatzen selbst handelte es sich entweder um gefdorderte Arbeitsplatze bei

1 Sie war etwa Gegenstand von Reportagen in den Magazinen wie dThe New Yorkerél und wurde
in Fernsehdokumentationen fur ARTE, ZDF, 3sat und ORF vorgestellit.

2 Die Teilnehmer_innen der ersten beiden Wellen ab Oktober 2020 umfassten alle Personen
die nach AMS Definition dvom Risiko der Langzeitbesch®ftigungslosigkeit betroffeno waren,
also bereits neun Monate oder ladnger einen Job suchten. Diese Ausweitung der
Anspruchsberechtigung zu Beginn des Projekts wurde getroffen, um eine etwas grof3ere
Gruppe in die randomisierte Feldstudie aufnehmen zu kdénnen.

3 Dabei kommt der Kollektivvertrag fur Transitarbeitskrafte (TAK) zur Anwendung. Darunter
hat der Mindestlohn brutto knapp EUR 1,500 (2020) bis EUR 1,775 (2023) fur eine
Vollzeitbeschaftigung betragen.


https://www.newyorker.com/news/annals-of-inquiry/what-happens-when-jobs-are-guaranteed

bestehenden Unternehmen oder & und das traf auf die Mehrheit der
Teilnehmer_innen zu & um Beschaftigung in einem eigens gegrindeten
Gemeinnutzigen Beschaftigungsprojekt (GBP), welches vom Unternehmen it.works
betrieben wurde. Es wurden Modbel in einer Werkstatt renoviert, 6ffentliche Garten
gepflegt, Bienen geziichtet und eine Broschiure tber den Ort zusammengestellt. Die
Teilnehmer_innen konnten Vollzeit oder Teilzeit arbeiten. Personen, die aus
gesundheitlichen Grinden nur eine begrenzte Anzahl von Aufgaben Ubernehmen
konnten, erhielten ebenfalls ein entsprechendes Angebot, das auf ihre individuelle
Situation abgestimmt war. Fachkrafte unterstltzten die Beschaftigten bei der Arbeit

far das gemeinnitzige Beschaftigungsprojekt.

Mit diesen Bedingungen unterschied sich die Marienthal-Jobgarantie von etablierten
Programmen im Rahmen aktiver Arbeitsmarktpolitik. Erstens handelte es sich um
eine sehr umfangreiche, langfristige MalRnahme. Zweitens war das erklarte Ziel des
Programms die direkte Beseitigung der Langzeitarbeitslosigkeit in der Gemeinde und
damit die Verbesserung der sozialen Lage der Teilnehmer_innen. Im Vergleich dazu
zielen konventionelle MaRnahmen aktiver Arbeitsmarktpolitik auf die
Wiedereingliederung der Teilnehmer_innen in den reguléren Arbeitsmarkt ab (Lehner
und Tamesberger 2024). Zwar wurden die Teilnehmer_innen der Marienthal-
Jobgarantie unterstltzt, eine Beschaftigung auf dem reguldaren Arbeitsmarkt
aufzunehmen, und eine solche Beschéaftigung wurde durch das Programm geférdert,
doch war dies fur viele Teilnehmer_innen kein wahrscheinliches Ergebnis. Die
Jobgarantie zielte also auf die grundlegende Erweiterung der Aul3enoptionen von
benachteiligten Personen ab und damit auf die Starkung ihrer Verhandlungsmacht.
In diesem Motiv dhnelte die Jobgarantie jenen Grundeinkommensmodellen, die eine
Ergdnzung bestehender Sozialstaatsleistungen vorsehen und etwa aktuell in

Deutschland evaluiert werden (Bohmann et al. 2023).

Die universelle Garantie einer Beschéaftigung im Rahmen der Marienthal-Jobgarantie
war fur Osterreich ein Novum. Wohl erprobt sind hingegen Programme, die
garantierte Beschaftigung anbieten, etwa durch die Aktion 20.000 und die Aktion
8.000 sowie international durch Projekte wie die Territoires zéro chémeur de longue
durée in Frankreich, die Jefes de Hogar in Argentinien und die National Rural
Employment Guarantee in Indien. Basierend auf historischen und internationalen
Vergleichen  wurden die  Ausgestaltungsmoglichkeiten von  garantierten
Beschaftigungsprojekten fur Osterreich detailliert untersucht (Schweighofer 2013,
Gogola 2020, Haim 2021b). Eine Reihe von Kostenschatzungen berechnen die
Leistbarkeit einer flachendeckenden Jobgarantie (Tamesberger und Theurl 2019,
Picek 2020, Premrov et al. 2022) sowie deren zu erwartenden positiven Auswirkungen



auf Armut (Haim 2021a) und Wirtschaftswachstum (Dammerer 2016, Mayerhofer
2023).

3. Das Studiendesign und der historische Bogen

Angesichts der beschriebenen Ziele der Marienthal-Jobgarantie zielt unsere
Evaluierung auf die Auswirkungen des Programms auf Beschéaftigung, das
Wohlergehen der Teilnehmer_innen in verschiedenen wirtschaftlichen und nicht
wirtschaftlichen Bereichen sowie auf die Auswirkungen auf den Arbeitsmarkt der
Gemeinde sowie die finanziellen Kosten fur Arbeitsmarktpolitik ab. Dabei knupft die
Studie mit modernen Evaluationsmethoden an die historische Tradition der
empirischen Sozialforschung an, die mit der Studie der 1930er-Jahre aus Marienthal
mitbegrindet wurde.

Denn die Wahl des Standorts fur das Pilotprojekt zur Arbeitsplatzgarantie ist, wie
bereits erwahnt, kein Zufall. In den 1930er-Jahren wurde in Marienthal eine
bahnbrechende Studie Uber die Auswirkungen von Massenarbeitslosigkeit
durchgefuhrt. Zu dieser Zeit war eine einzelne Fabrik Mittelpunkt des
wirtschaftlichen Geschehens im Ort. Als diese Fabrik im Zuge der
Weltwirtschaftskrise der 1930er-Jahre geschlossen wurde, verloren die meisten
Einwohner_innen ihren Arbeitsplatz 8 mit verheerenden Folgen. Die Sozialstudie Die
Arbeitslosen von Marienthal dokumentiert in einer grof3en Untersuchung die

Auswirkungen auf das soziale und politische Leben der Dorfgemeinschaft.

Neunzig Jahre spater bat die Marienthal-Jobgarantie die Madoglichkeit, die
Auswirkungen eines umgekehrten Ereignisses zu erforschen, indem allen
langzeitarbeitslosen Einwohner_innen von Marienthal und der Gemeinde
Gramatneusiedl ein Arbeitsplatz angeboten wurde. Auffallend ist, dass einige der
starksten Auswirkungen, wie in unserer Studie dokumentiert, im Bereich des
dlatenten und manifesten Nutzens von Arbeito zu finden waren 8 ein Maf3, das auf der
klassischen Marienthal-Studie aufbaut. Zeit ihres Lebens hat Marie Jahoda am
Konzept der latenten Funktionen der Arbeit geforscht 6 nach der Flucht vor dem
Faschismus in Osterreich im Exil in GroRbritannien, wo sie an der Universitat Sussex
als Professorin fur Sozialpsychologie lehrte und forschte, bis sie 2001 im Alter von
96 Jahren verstarb. Auch heute verzeichnen viele Menschen in Arbeitslosigkeit
Defizite in ihren latenten und manifesten Funktionen: Zeitstruktur, regelméafige
Aktivitaten, kollektive Ziele, Sozialkontakte, sozialer Status, sowie ein gesichertes
Einkommen (Schdonherr und Lehner 2022).



Doch wer sind die arbeitslosen Menschen, um die es hier geht? Ein Blick auf die
demografischen Eigenschaften der Gruppe zeigt, wie prekar es um Personen in
Langzeitarbeitslosigkeit bestellt ist (Abbildung 2). Im Durchschnitt hat eine
langzeitarbeitslose Person funf der letzten zehn Jahre in Arbeitslosigkeit verbracht.
Jede dritte Person hat gesundheitliche Einschrankungen, die ihre berufliche
Tatigkeit beeintrachtigen. Etwa die Halfte hat nicht mehr als einen
Pflichtschulabschluss und ist Gber 50 Jahre alt. Ein Drittel wurde in einem anderen
Land geboren oder hat Eltern, die in einem anderen Land geboren wurden. Was die
Durchschnittswerte nicht zeigen, ist die Diversitat der Gruppe. Sie umfasst
Arbeitssuchende mit unterschiedlichsten Hintergrinden: von jung bis alt, von
Schulabbrecher_innen, denen der Berufseinstieg nicht gut geglickt ist, Uber
Facharbeiter_innen, die nach langen, stabilen Karrieren plétzlich den Job verloren
haben, bis hin zu Akademiker_innen und ehemaligen Unternehmer_innen, die nach

einem Schicksalsschlag den beruflichen Wiedereinstieg nicht mehr geschafft haben.

Abbildung 2: Eigenschaften der anspruchsberechtigten Personen in Gramatneusied|

i
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|
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(Anteil in 10 Jahren)

i

Gesundheitliche
Einschréankung

Mehr als Pflichtschule

Migrationshintergrund

Uber 50
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S S

0.25 0.50 0.75 1.00
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Anmerkungen: Die Symbole markieren den Anteil der jeweiligen Charakteristika aller Personen in
Langzeitarbeitslosigkeit in Gramatneusiedl vor Beginn der Jobgarantie. Beispielsweise haben die
Teilnehmer_innen im Durchschnitt 5 der letzten 10 Jahre in Arbeitslosigkeit verbracht. Die Symbole

basieren auf dem historischen dlsotypeo-System, das von Otto Neurath entwickelt wurde.

Quelle: Eigene Darstellung.

Um die Arbeitsplatzgarantie zu evaluieren, stitzen wir uns auf drei Vergleiche. Fur
den ersten Vergleich teilten wir die Teilnehmer_innen zuféllig in zeitlich versetzte
Wellen fur den Start des Programms. Dabei vergleichen wir friher startende

Teilnehmer_innen mit jenen, die noch nicht in das Programm gestartet sind. Der
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zweite Vergleich stutzt sich auf eine vorregistrierte, synthetische Vergleichsgemeinde,
also einen statistischen Durchschnitt anderer Gemeinden, die Gramatneusiedl exakt
abbildet. Dafur haben wir auf Basis aller niederdsterreichischen Gemeinden eine
synthetische Gemeinde berechnet, die dem demografischen Profil und der
Entwicklung der Arbeitslosenrate in Gramatneusiedl entspricht. Fur den dritten
Vergleich  betrachten wir die Programmteilnehmer_innen und d&hnliche
langzeitarbeitslose Personen in Kontrollgemeinden. Durch den Vergleich der beiden
Gruppen kdnnen wir Aussagen Uber die langfristige Wirkung des Programms auf die
Teilnehmer_innen treffen. Diese drei Vergleiche erméglichen es, direkte Effekte der
Programmteilnahme, Antizipationseffekte fur eine zuklnftige Teilnahme am
Programm sowie weitere Auswirkungen auf den Arbeitsmarkt festzustellen.

Das Programm startete in zwei Wellen, beginnend im Oktober 2020. Zu diesem
Zeitpunkt begann ein zweimonatiger Vorbereitungskurs fur die erste Gruppe von 31
Teilnehmer_innen. Wahrend des Vorbereitungskurses bekamen die
Teilnehmer_innen ein Jobangebot, das mit Dezember 2020 startete. Im Februar 2021
begann der Vorbereitungskurs fur die zweite Gruppe von 31 Teilnehmer_innen. Wir
fUhrten unsere erste Erhebungsrunde kurz nach dem Beginn des
Vorbereitungskurses dieser zweite Gruppe durch. Im April 2021 bekamen die
Teilnehmer_innen der zweiten Gruppe die Mdglichkeit, einen Job anzunehmen. Das
Programm war fur drei Jahre bis Marz 2024 angelegt. Wahrend die Covid-19-
Pandemie zu einem auf3ergewdhnlich grof3en Einbruch an geleisteten Arbeitsstunden
fuhrte, konnte andauernde Massenarbeitslosigkeit durch in Europa massiv
eingesetzte Kurzarbeit verhindert werden (Ebbinghaus und Lehner 2022). Der
Zeitplan und die Durchfihrung des Marienthal-Jobgarantie-Projektes wurde durch
die Covid-19-Pandemie jedenfalls nicht beeintrachtigt und das Pilotprojekt startete

wie geplant im Herbst 2020.

Die Studie erweitert in dreifacher Hinsicht die bestehende wissenschaftliche
Literatur: Erstens liefert sie erste kausale Evidenz fur die Auswirkungen einer
Malnahme, die in der jungsten 6ffentlichen Debatte viel Aufmerksamkeit erhalten
hat. Zweitens liefert sie kausale Evidenz fur die nicht monetadren Vorteile der
Beschaftigung, die bereits in einer umfangreichen Literatur als Korrelationen
dokumentiert wurden. Drittens bietet die Studie auf methodischer Ebene eine
Vorlage fur die Evaluierung kleiner lokaler Pilotprojekte, bei denen wir eine Reihe von
experimentellen und beobachtenden Methoden nutzen, um die wirtschaftlichen und

sozialen Auswirkungen dieses Programms kausal und prazise zu dokumentieren.



4.Die wirtschaftlichen und sozialen Auswirkungen

4.1 Experimentelle Ergebnisse

Unsere wichtigsten empirischen Ergebnisse lassen sich wie folgt zusammenfassen:
Fur den ersten Vergleich, also jenen zwischen aktuellen und zukunftigen
Teilnehmer_innen, sind drei Hauptergebnisse erwdhnenswert (Abbildung 3):
Einerseits finden wir grof3e positive Auswirkungen der Teilnahme auf das
wirtschaftliche Wohlergehen (Einkommen, wirtschaftliche Sicherheit und
Beschaftigung). Etwa ist das Einkommen um durchschnittlich EUR 390 pro Person
und Monat gestiegen. Das ist erwartbar, aber nicht automatisch, da die Teilnahme
am Programm freiwillig ist und Personen, die eine Teilnahme ablehnen, weiterhin
Anspruch auf Arbeitslosengeld haben.
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Abbildung 3: Experimentelle Effekte, 2021

Okonomische Ergebnisse

Mittlere Ergebnisse fir Gruppe 1 (JG), und (Kontrolle). P-values
Einkommen * »
Beschéftigung 2 L]
Arbeitslosigkeit (-} L] »
Finanzielle Absicherung Gruppe 2 &——® Gruppe 1 [ ]
0.00 0.25 0.50 0.75 1.00 00 01 02 03 04 05 06 07 08 09 1.0

Weitere Ergebnisse

Mittlere Ergebnisse fur Gruppe 1 (JG), und (Kantrolle). P-values
Latenten und manifeste Funktionen —® L]
Covid-Belastungsstorung (-) -t 2 L]
Wohlbefinden Skala ———¢ [ ]
Wohlbefinden Veranderung e »
Soziale Inklusion — ®
Physische Gesundheit e &
Belastungsstorung (-} —8 L
Depressionen (-) Gruppe 2 4—@& Gruppe 1 L}
Soziales Netzwerk - .
Anzahl an Kontakten 8 L]
Praferenzen ® [ ]
Subjektive Gesundheit e ®
Sozialer Status . L]
0.00 0.25 0.50 0.75 1.00 00 01 02 03 04 05 08 07 08 08 1.0

Anmerkungen: Die dargestellten Durchschnittswerte in den Diagrammen auf der linken Seite zeigen die
Ergebnisse von zwei Gruppen: Gruppe 1 (Jobgarantie bereits gestartet, dargestellt durch volle Kreise)
und Gruppe 2 (Jobgarantie noch nicht gestartet, dargestellt durch volle Dreiecke). Diese Ergebnisse
wurden fur individuelle Eigenschaften der Personen bereinigt, um die Prazision zu erhéhen. Die Skala
reicht von 0 bis 1. Hohere Werte bedeuten bessere Ergebnisse. Das Einkommen ist das monatliche
Einkommen geteilt durch 2000, und die Arbeitslosigkeit zeigt den Anteil der Tage, an denen die Personen
seit Programmestart (1. Oktober 2020) nicht arbeitslos waren.

Die Werte in den Diagrammen auf der rechten Seite zeigen die p-Werte, die anzeigen, wie wahrscheinlich
es ist, dass die Jobgarantie eine echte Wirkung hat. Kleinere p-Werte (z. B. unter 0,05) bedeuten, dass
die Wirkung der Jobgarantie statistisch signifikant ist. Diese p-Werte basieren auf 1000 simulierten

Durchlaufen der Analyse.

Quelle: Eigene Berechnungen.

Andererseits finden wir starke positive Auswirkungen auf die sogenannten dlatenten
und manifesten Funktionend der Arbeit, die auf Marie Jahodas Arbeit zuriickgehen.
Dazu gehéren die Zeitaufteilung im Tagesverlauf, regelmali3ige Aktivitat, die sozialen
Kontakte und Interaktionen sowie die soziale Anerkennung und inwiefern jemand
Sinn im Leben sieht. Damit liefert die Evaluierung der Marienthal-Jobgarantie
kausale Ergebnisse, die die zahlreichen Arbeiten in der Soziologie und
Sozialpsychologie Uber die Bedeutung dieser nicht 6konomischen Vorteile der
Beschaftigung bestatigen. Bisher hatten diese Auswirkungen in 6konomischen
Evaluierungen wenig Beachtung gefunden.
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4.2 Vergleich mit Personen in Kontrollgemeinden

Beim Vergleich zwischen langzeitarbeitslosen Personen in den Vergleichsgemeinden
und Programmteilnehmer_innen finden wir grélR3ere Unterschiede als im Vergleich
zwischen fraheren und spéteren Teilnehmer_innen innerhalb Gramatneusiedls
(Abbildung 4). Dies deutet auf Antizipationseffekte hin: Arbeitssuchende fuhlen sich
bereits besser, wenn sie die Aussicht auf einen Arbeitsplatz haben, und das noch
bevor sie ihre eigentliche Arbeit gestartet haben. Diese Effekte zeigen sich
insbesondere im Wohlbefinden, im sozialen Status und in zwischenmenschlichen

Interaktionen.

Abbildung 4: Experimentelle Effekte versus Antizipationseffekte

Ergebnisse fur 2021
Gruppe 1 (JG), (Kontrolle), und Kontrollgemeinden.
Arbeitslosigkeit (-) O L ]
) ) Einkommen — o
Finanzielle Absicherung Ob——@
Beschaftigung O ®
0.00 0.25 0.50 0.75 1.00

Ergebnisse fur 2021

Gruppe 1 (JG), (Kontrolle), und Kontrollgemeinden.
Covid-Belastungsstorung (-) Ob—me
Physische Gesundheit O —®
Belastungsstérung (-) o A&—e9
Soziales Netzwerk = ]
Soziale Inklusion o —————®
Wohlbefinden Verdnderung O —_—
Wohlbefinden Skala 0] —e
Depressionen (-) O A—e
Latenten und manifeste Funktionen Obh—e
Sozialer Status (o] €
Anzahl an Kontakten s o]
Praferenzen @
Subjektive Gesundheit »
0.00 0.25 0.50 0.756 1.00

Anmerkungen: Die dargestellten Durchschnittswerte zeigen die Ergebnisse von drei Gruppen: Gruppe 1
(Jobgarantie bereits gestartet, dargestellt durch volle Kreise), Gruppe 2 (Jobgarantie noch nicht
gestartet, dargestellt durch volle Dreiecke) und fur die Kontrollgruppe (langzeitarbeitslose Personen in
anderen Gemeinden, dargestellt durch leere Kreise). Diese Ergebnisse wurden far individuelle
Eigenschaften der Personen bereinigt, um die Prézision zu erhdhen. Die Skala reicht von 0O bis 1. Héhere
Werte bedeuten bessere Ergebnisse. Das Einkommen ist das monatliche Einkommen geteilt durch 2000,
und die Arbeitslosigkeit zeigt den Anteil der Tage, an denen die Personen seit Programmestart (1. Oktober
2020) nicht arbeitslos waren.

Quelle: Eigene Berechnungen
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Betrachtet man die Ergebnisse Uber einen langeren Zeitraum, so sieht man, dass die
anfanglich festgestellten Auswirkungen weitgehend bestehen bleiben und sich im
Laufe der Zeit nur geringfugig abschwachen (Abbildung 5). Dies deutet darauf hin,
dass die Vorteile eines garantierten Arbeitsplatzes nicht nur von anfanglicher

Euphorie stammen, sondern daruber hinaus bestehen bleiben.

Abbildung 5: Mittelfristige Ergebnisse, 2022

Marienthal (alle), und Kontrollgemeinden.

Arbeitslosigkeit (-) G L)
Beschaftigung G ®
Finanzielle Absicherung o—e
Einkommen o—e
0.00 0.25 0.50 0.75 1.00
Ergebnisse fiir 2022

Marienthal (alle), und Kontrollgemeinden.

Soziales Netzwerk ce
Belastungsstérung (-) G—=e
Physische Gesundheit co—e
Covid-Belastungsstérung (-) o—=e
Wohlbefinden Verédnderung o—9
Latenten und manifeste Funktionen o——-
Depressionen (-) oo
Sozialer Status o——-
Soziale Inklusion o—e
Praferenzen oc-e
Subjektive Gesundheit o—e
Anzahl an Kontakten *—o

0.00 0.25 0.50 0.75 1.00
Ergebnisse fur 2022

Anmerkungen: Die dargestellten Durchschnittswerte zeigen die Ergebnisse von zwei Gruppen: die
Teilnahmegruppe (langzeitarbeitslose Personen in Marienthal (Gramatneusiedl), bestehend aus Gruppe
1 + Gruppe 2 der Abbildung 4, dargestellt durch volle Kreise) und fur die Kontrollgruppe
(langzeitarbeitslose Personen in anderen Gemeinden, dargestellt durch leere Kreise). Diese Ergebnisse
wurden far individuelle Eigenschaften der Personen bereinigt, um die Prazision zu erhdéhen. Die Skala
reicht von O bis 1. Hohere Werte bedeuten bessere Ergebnisse. Das Einkommen ist das monatliche
Einkommen geteilt durch 2000, und die Arbeitslosigkeit zeigt den Anteil der Tage, an denen die Personen
seit Programmestart (1. Oktober 2020) nicht arbeitslos waren. JG steht fur Jobgarantie. Gruppe 1 hat ab
Dezember 2020 ein Jobangebot erhalten, die Gruppe 2 hat ab April 2021 ein Jobangebot erhalten.

Quelle: Eigene Berechnungen.

4.3 Vergleich der synthetischen Kontrollgemeinde

Was die Effekte auf den Arbeitsmarkt betrifft, die wir mithilfe des synthetischen
Kontrollansatzes ermitteln, finden wir, dass das Programm zu einer starken

Verringerung der Arbeitslosigkeit auf Gemeindeebene fuhrt. Dies wiederum ist auf
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die Beseitigung der Langzeitarbeitslosigkeit in Gramatneusiedl zuruckzufuhren, wie
in Abbildung 6 zu sehen ist. Wahrend die Langzeitarbeitslosigkeit in Gramatneusiedl
seit Projektbeginn erheblich zuriickgegangen ist (durchgehende Linie), ist sie in den
Vergleichsgemeinden anfangs gestiegen und erst ab 2022 unter das Niveau vor
Projektstart gefallen. Die strichlierte Linie zeigt dabei die Entwicklung der
Langzeitarbeitslosenrate in der synthetischen Vergleichsgemeinde, die dem Profil von
Gramatneusiedl entspricht und auf Basis der anderen Gemeinden Niederdsterreichs
berechnet wurde. Der starke Rluckgang der Langzeitarbeitslosigkeit ist angesichts des
freiwilligen Charakters des Programms keine automatische Folge und somit ein
wichtiges Ergebnis. Im Vergleich zu konventionellen aktive Arbeitsmarktprogrammen
verzeichnet die Marienthal-Jobgarantie eine sehr hohe freiwillige
Teilnahmebereitschaft (Lehner und Schwarz 2024).

Abbildung 6: Langzeitarbeitslosigkeit  in Gramatneusiedl| und den

Vergleichsgemeinden

2%

Welle 1 Beide Wellen

2019 2020 2021 2022

Anmerkungen: Die durchgehende rote Linie zeigt die Langzeitarbeitslosenrate fur Gramatneusiedl, die
strichlierte graue Linie die Langzeitarbeitslosenrate fur die synthetische Kontrollgemeinde. Der
Gemeindevergleich wurde aus Grunden der Datenverfugbarkeit auf Ebene der Postleitzahl durchgefuhrt,
wahrend MAGMA auf Ebene der Gemeinde stattfand. Folglich zeigt die Abbildung die
Langzeitarbeitslosigkeit auf Postleitzahlebene etwas uUber null, wahrend sie auf Ebene der Gemeinde bei

null lag.

Quelle: Eigene Berechnungen.

4.3.1 Einkommen der Teilnehmenden

Mithilfe administrativer Daten aus dem AMDB Erwerbskarrierenmonitoring kdénnen
wir die Einkommen aller Personen erfassen, die sowohl in Gramatneusiedl als auch

in den Kontrollgemeinden  wohnhaft waren und zu Beginn die
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Teilnahmevoraussetzung von neun Monaten Arbeitslosigkeit erflllten. Abbildung 7

zeigt diese monatlichen Einkommen im Zeitverlauf.

Wie erwartet steigen die Einkommen der Teilnehmenden deutlich nach Beginn des
Programmes. Auch in den Kontrollgemeinden steigen die Einkommen, da ein Teil der
zu Beginn arbeitslosen Personen wieder in Beschaftigung UGbergeht. Die
durchschnittlichen Einkommen in den Kontrollgemeinden erreichen jedoch zu
keinem Zeitpunkt mehr als etwa die Halfte der Einkommen in Gramatneusiedl. Die

Trends vor Programmbeginn verlaufen hingegen sehr &hnlich.

Abbildung 7: Durchschnittliches monatliches Bruttoeinkommen in Euro der zu

Beginn Anspruchsberechtigten

1,000

500

Wave 1 Both waves

0
2019 2020 2021 2022 2023 2024

Anmerkungen: Die Abbildung zeigt das durchschnittliche monatliche Bruttoeinkommen in Euro (ohne
Bereinigung durch Kontrollvariablen) fur Personen, die zu Beginn seit mindestens neun Monaten
arbeitslos waren (Kontrast aus Abschnitt 4.2). Die durchgehende rote Linie zeigt den Verlauf fur
Gramatneusiedl, die strichlierte graue Linie fur die synthetische Kontrollgemeinde. Die Einkommen
basieren auf der Beitragsgrundlage flr Sozialversicherungsbeitrage auf Basis der AMDB
Erwerbskarrierenmonitoring. Die Werte fur Dezember 2021 wurden interpoliert, um UnregelmaRigkeiten
in den Meldungen auszugleichen. Bonuszahlungen (13. und 14. Gehalt) wurden exkludiert, um
saisonale Schwankungen zu glatten.

Quelle: Eigene Berechnungen.

4.3.2 Kumulative Effekte und Zusammensetzung der Arbeitsplatze

Um beurteilen zu kdénnen, ob der Beschaftigungsanstieg ausschlie3lich auf die
direkte Schaffung geforderter Arbeitsplatze zurickzufuhren ist oder ob das
Programm auch Ubergange in ungeférderte Beschaftigung begilnstigt hat,
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vergleichen wir im nachsten Schritt die kumulierten Beschaftigungstage pro Person
wahrend der Programmlaufzeit zwischen Teilnehmer_innen in Gramatneusiedl und
ihren urspringlich langzeitarbeitslosen Vergleichspersonen in den
Kontrollgemeinden. Abbildung 8a zeigt, wie viele Tage insgesamt im jeweiligen
Beschaftigungsstatus Uber die gesamte Programmdauer verbracht wurden.
Abbildung 8Db stellt dar, wie sich die kumulierten Tage in ungeférderter Beschéaftigung
pro Person im Zeitverlauf entwickelt haben.

Im Vergleich zu den Kontrollgemeinden waren die Teilnehmer_innen in
Gramatneusiedl deutlich langer beschaftigt: Im Durchschnitt entfielen innerhalb von
3,5 Jahren 771 Beschaftigungstage pro Person, gegeniber 216 Tagen in den
Kontrollgemeinden. Der Grof3teil dieses Anstiegs ist auf geforderte Arbeitsplatze im
Rahmen des Programms zuriickzufuhren. Es zeigt sich jedoch auch ein Zuwachs an
Beschaftigung auf3erhalb des Programms: Die kumulierte Dauer ungeforderter
Beschaftigung stieg um 17 Prozent, von 169 auf 198 Tage. Auch die selbstandige
Erwerbstéatigkeit nahm zu: Die durchschnittliche Zahl der Tage in selbstandiger
Beschaftigung verdoppelte sich durch MAGMA von 8 auf 17 Tage. Gleichzeitig sank
die registrierte Arbeitslosigkeit in Gramatneusiedl deutlich: um 62 Prozent bzw. 442
Tage. Auch die Zeit aul3erhalb des Erwerbslebens reduzierte sich um 36 Prozent oder
113 Tage.
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Abbildung 8: Kumulative Tage pro Person

Panel (a) Beschaftigungsstatus

Gramatneusiedl Kontrollgemeinden

Beschaftigung insgesamt 771 216
Gefordert 556 38
Ungefordert 198 169
Selbststandig 17 8

Registrierte Arbeitslosigkeit 275 717

Aul3erhalb des 201 314

Arbeitskraftepotenzials
Anmerkungen: Gefdrderte, nicht geférderte und selbstandige Beschéaftigung ergeben zusammen die
Beschaftigung insgesamt.

Quelle: Eigene Berechnungen.

Panel (b) Ungefdrderte Beschaftigung
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Anmerkungen: Die durchgehende rote Linie zeigt die kumulative Anzahl der Tage pro Person in
ungeférderter Beschéaftigung fur Gramatneusiedl, die strichlierte graue Linie fur die synthetische
Kontrollgemeinde.

Quelle: Eigene Berechnungen.
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4.3.3 Untersuchung von Anreizeffekten: Vergleich von empirischen

Austrittsraten und synthetischer Kontrolle

Um die Wirkung der Jobgarantie auf die Austrittsraten aus der Arbeitslosigkeit in
Beschaftigung zu untersuchen, vergleichen wir die kurzzeitig arbeitslosen Personen
in  Gramatneusiedl mit den Kkurzzeitig arbeitslosen Personen in den

Vergleichsgemeinden.

Die Austrittsraten berechnen wir auf Basis der 4AMDB Erwerbskarrierenmonitoringo
Daten. Wir berutcksichtigen dabei alle Personen, die im Zeitraum von Oktober 2020
bis Dezember 2023 arbeitslos waren. Fur jede Dauer der Arbeitslosigkeit,
aufgerundet auf volle Monate, berechnen wir die Austrittsrate, indem wir die Anzahl
der Personen, die in diesem Zeitraum von Arbeitslosigkeit in Beschéftigung wechseln,
durch die Gesamtzahl der vorhandenen arbeitslosen Personen in diesem Zeitraum
teilen. Diese Berechnung wird sowohl fur Gramatneusiedl als auch fur die

synthetische Vergleichsgemeinden durchgefuhrt.

Die Ergebnisse sind in Abbildung 9 zu sehen. Dabei stellen wir fest, dass die
Austrittsrate in eine Beschaftigung in Gramatneusiedl fur alle Zeitrdume vor der
MAGMA-Teilnahmemadglichkeit von 9 Monaten hoéher ist und der Ruckgang der
Austrittsraten langsamer verlauft. Wir finden daher keine Evidenz, dass die
Jobgarantie den Suchaufwand verringert hatte. Nach 9 Monaten steigt der Ubergang
in eine Beschaftigung in Gramatneusiedl weiter an. Dieser Anstieg lasst sich durch

den mechanischen Effekt des Jobgarantieprogramms erklaren.
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Abbildung 9: Austrittsraten von Arbeitslosigkeit in Beschéaftigung

0.4

o
w

Austrittsrate
o
[\%]

o

0.0
1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18

Dauer der Arbeitslosigkeit (in Monaten)

Anmerkungen: Diese Abbildung zeigt die Austrittsraten von Arbeitslosigkeit in Beschéaftigung im
Zeitraum von Oktober 2020 bis Dezember 2023. Die durchgehende rote Linie zeigt den Verlauf far
Gramatneusiedl, die strichlierte graue Linie fur die synthetische Kontrollgemeinde. Die Austrittsraten
wurden auf Basis der $AMDB Erwerbskarrierenmonitoringo-Datenbank berechnet. Die Berechtigung fur
die Jobgarantie beginnt nach 9 (bzw. nach Herbst 2020 ab 12) Monaten.

Quelle: Eigene Berechnungen.
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4.4 Kostenvergleich

Nun wenden wir uns der Bewertung der Programmkosten zu. Wir vergleichen erneut
die Teilnehmer_innen aus Gruppe 1 und 2 mit den Vergleichspersonen aus den
Kontrollgemeinden. Die Berechnungen beruhen auf personenbezogenen
Ausgabedaten des AMS pro Kalendertag, die die gesamte Laufzeit von MAGMA von
Oktober 2020 bis Marz 2024 abdecken.4 Die Gesamtausgaben umfassen (i) passive
Arbeitslosenunterstutzung insb. Sozialleistungen (getragen  durch  das
Sozialversicherungssystem), und (ii) Ausgaben Férderung (getragen durch das AMS).
Die Ausgaben Forderung beinhalten konventionelle aktive arbeitsmarktpolitische
MalRnahmen wie die Unterstitzung bei der Jobsuche, Jobtrainings,
QualifikationsmalRnahmen, Eingliederungsbeihilfen und direkte
Beschaftigungsprojekte einschlielich der Marienthal Jobgarantie (inkl. Loéhne,
Sozialversicherungsbeitrdge, Lohnnebenkosten und Verwaltungskosten). MAGMA
erzielte dartber hinaus Einnahmen, die zur Kostendeckung beigetragen haben; wie
bei Sozialokonomischen Betrieben und Gemeinnutzigen Beschaftigungsprojekten des
AMS ublich. SchlieBlich entstehen fiskalische Externalitaten in Form von Steuer-
und Sozialversicherungsbeitragen, die von den Programmteilnehmenden an den
offentlichen Sektor zurtckfliel3en.

Ergebnisse: In den ersten 18 Monaten fuhrte MAGMA zu einem Anstieg der
arbeitsmarktpolitischen Ausgaben; danach gingen die Ausgaben, wie in Abbildung
10 dargestellt, wieder zurick. Dieser Ruckgang ist vor allem auf geringere
Leistungsanspruche infolge vermehrter ungeforderter Beschaftigung
zuruckzufuhren. Das Programm bewirkte zudem eine Umschichtung der
Ausgabenstruktur: weg von passiven Leistungen durch die Arbeitslosenversicherung
hin zu aktiven arbeitsmarktpolitischen MaRnahmen durch das AMS. Uber den
gesamten Programmzeitraum betrachtet (Oktober 2020 bis Marz 2024), erhdhten
sich die monatlichen arbeitsmarktpolitischen Ausgaben pro registrierter
langzeitarbeitsloser Person durch MAGMA um 28Prozent: von durchschnittlich
850 Euro auf 1.092 Euro (siehe Tabelle 1).

4 Die Daten fur den Kostenvergleich wurden via Fernrechnen ausgewertet.
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Abbildung 10: Kostenvergleich pro Person und Monat

Gramatneusied! Kontrollgemeinden
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Quelle: Eigene Berechnungen.

Einkommen der Teilnehmenden und staatliche Einnahmen

Wahrend das Programm die Kosten fur das AMS erhdhte, stieg zugleich das
Einkommen der Teilnehmenden, was indirekt zu hoheren staatlichen Einnahmen
aus Steuer- und Sozialversicherungsbeitragen fuhrte. Das Einkommen umfasst
sowohl Erwerbseinkommen als auch Transferleistungsbezug.

Wie Tabelle 1 zeigt, stiegen die Bruttoeinkommen der Teilnehmenden, gemessen
anhand administrativer Daten, im Programmzeitraum um 597 Euro pro Monat. In
Osterreich betragt die Summe aus Lohnsteuern und Sozialversicherungsbeitragen
far Personen in der relevanten Einkommensgruppe im Durchschnitt 37 Prozent.
Unter Berucksichtigung der Mdglichkeit niedrigerer Steuer- oder Beitragssatze, die
far Programmteilnehmende gelten kénnten, kénnen wir konservativ schatzen, dass
etwa 25 Prozent des Bruttoeinkommens direkt an den o6ffentlichen Sektor
zurlckflief3en. Der daraus resultierende Anstieg des Nettoeinkommens aus Erwerb
liegt bei 447 Euro pro Monat.

Die Nettoleistungen fur Teilnehmende (das hei3t Transferleistungszahlungen
abzuglich Beitrage an das Sozialversicherungssystem) wurden durch MAGMA
hingegen um 345 Euro pro anspruchsberechtigter Person und Monat reduziert.
Addiert man Nettoeinkommen aus Erwerb und Nettotransferleistungen, so ergibt sich
ein Anstieg des Nettoeinkommens um 102 Euro pro Person und Monat.
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Tabelle 1: Ausgaben und Einnahmen pro Person und Monat,
Oktober 2020 bis Méarz 2024

Kontroll-
Gramatneusiedl . Differenz
gemeinden
AMS
Forderleistungen 974 127 847
Transferleistungen 234 723 T489
T Einnahmen von MAGMA T116 0 T116
Gesamtkosten fur das AMS 1092 850 242
Offentlicher Sektor
T Imputierte Steuer- und SV-
) 1342 1337 15
Einnahmen
Nettokosten fur den
743 510 237

offentlichen Sektor

Einkommen der Teilnehmenden

Bruttolohneinkommen 1104 507 597
Imputiertes Nettolohneinkommen 828 381 447
Netto-Transferleistungen 168 513 1345

Imputiertes Nettoeinkommen

996 894 102
(gesamt)

Anmerkungen: Der Kostenvergleich umfasst die gesamte Programmlaufzeit. Alle Werte sind in Euro pro
Person und Monat angegeben. Férderleistungen beziehen sich auf die aktive Arbeitsmarktpolitik;
Transferleistungen beziehen sich auf die passive Arbeitsmarktpolitik. Die Kontrollpersonen
entsprechen jenen in unserem zweiten Identifikationsansatz (Abschnitt 4.2): Personen, die im
September 2020 seit mindestens neun Monaten arbeitslos waren und aus den drei Gemeinden mit
den grof3ten synthetischen Kontrollgewichten stammen.

Quelle: Eigene Berechnungen.
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Wir kdénnen auf3erdem die Steuer- und Sozialversicherungsbeitrage, die an den
offentlichen Sektor zurickflieBen, imputieren, indem wir die entsprechenden
Einnahmen aus Erwerbseinkommen als 0,25 x Bruttoeinkommen schatzen. Daruber
hinaus konnen wir die Sozialversicherungseinnahmen im Rahmen der
Transferleistungen hinzurechnen. Insgesamt zeigen diese Werte, dass MAGMA die
staatlichen Einnahmen um 5 Euro pro Person und Monat erhdhte. Dieser moderate
Nettoanstieg spiegelt wider, dass ein nicht unerheblicher Anteil der SV-Einnahmen
aus Transferleistungen stammt und wieder an den Staat zurlckflieBt. Zieht man
diesen Betrag von den Gesamtkosten fur das AMS ab, ergibt sich ein

Nettokostenbetrag fur den o6ffentlichen Sektor von 237 Euro pro Person und Monat.

Grenznutzen offentlicher Mittel

Zusammenfassend beliefen sich die Nettokosten von MAGMA flr den 6ffentlichen
Sektor auf 237 Euro pro anspruchsberechtigter Person und Monat, wahrend das
Einkommen der anspruchsberechtigten Personen um 102 Euro stieg und ihre nicht-
monetdren Vorteilen, wie psychosoziale Stabilitat und Wohlbefinden, deutlich
zunahm und materielle Deprivation deutlich reduziert wurde.

Wie kann der Gesamtwert von MAGMA nun beurteilt werden? Wie hoch ist der
Grenznutzen der fur eine Arbeitsplatzgarantie wie MAGMA aufgewendeten
offentlichen Mittel? Eine vollstandige Bewertung wirde erfordern, die nicht-
finanziellen Vorteile fur die Teilnehmenden, die wir zuvor dokumentiert haben,
finanziell zu bewerten. Dazu zdhlen deutliche Verbesserungen bei den latenten und
manifesten Funktionen von Arbeit, eine Verringerung pandemiebedingter
Belastungen sowie ein Anstieg des selbst berichteten Wohlbefindens und der
finanziellen Sicherheit. Diese mussten zuséatzlich zu den finanziellen Vorteilen
bewertet werden, also den gestiegenen Einkommen, dem héheren Gesamteinkommen

und der verbesserten Einkommenssicherheit.

Eine solche finanzielle Bewertung ist jedoch eine normative Entscheidung und keine
empirische Frage und liegt daher aul3erhalb des Rahmens dieser Studie. Wir stellen
jedoch die umgekehrte Frage, welcher Mindestwert erforderlich wére, um die
Programmkosten zu rechtfertigen. Dieser Vergleich unterliegt der Annahme, dass
zuséatzliches Einkommen der Teilnehmenden gesellschaftlich gleich hoch bewertet
wird, wie der Einsatz ¢ffentlicher Mittel - eine plausible Annahme angesichts der
benachteiligten Zielgruppe. Dies erlaubt uns die monatlichen Nettokosten fur den
offentlichen Sektor von 237 Euro den durchschnittlichen Einkommenszuwachs der
Teilnehmenden von 102 Euro gegenuberzustellen. Daraus ergeben sich
gesamtwirtschaftliche Nettokosten des Programms in H6he von durchschnittlich 135
Euro pro Person und Monat Uber die Programmdauer.
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Das Programm ist somit gesamtwirtschaftlich finanziell gerechtfertigt, sofern der
gesellschaftlich zugemessene Nutzen der erheblichen Verbesserung der
Lebenssituation der Teilnehmenden, die vergleichsweise geringen
gesamtwirtschaftlichen Nettokosten von 135 Euro pro Person und Monat Ubersteigt.

Dynamik im Zeitverlauf

Die fiskalischen Effekte des Programms sind durch eine starke Dynamik im
Zeitverlauf gepragt. Die Kosten fallen zu Beginn héher aus und gehen im Zeitverlauf
spurbar zurick, da die Teilnehmenden schrittweise in nicht geférderte Beschaftigung
Ubergehen. In den ersten 21 Monaten Uberstiegen die rechnerisch zugerechneten
Steuer- und Sozialversicherungseinnahmen aus Transferleistungen jene aus
Erwerbseinkommen. Daraus ergaben sich fur die offentliche Hand Nettokosten in
Hohe von 443 Euro pro teilnenhmender Person und Monat. In den darauffolgenden 21
Monaten gingen die Nettokosten deutlich zuruck. Sie betrugen im Durchschnitt 96
Euro pro teilnehmender Person und Monat fur das AMS beziehungsweise 41 Euro
far die 6ffentliche Hand insgesamt. Dieser Riuickgang ist darauf zuruckzufuhren, dass
mit dem Ubergang in ungeforderte Beschaftigung die Programmausgaben sanken
und zugleich Steuer- und Sozialversicherungseinnahmen aus Erwerbseinkommen
relativ. an Bedeutung gewannen, wiahrend einnahmenseitige Ruckflisse aus
Transferleistungen weniger ins Gewicht fielen. Im selben Zeitraum stieg der Effekt
auf das Nettoeinkommen auf 228 Euro pro teilnehmender Person und Monat.

5.Conclusio

Die Ergebnisse der Evaluierungen zeigen, dass die Teilnahme an der Marienthal-
Jobgarantie starke positive Auswirkungen auf das wirtschaftliche und soziale
Wohlergehen der Teilnehmer_innen hat. Dazu zdhlen Beschéaftigung, Einkommen,
finanzielle Sicherheit wie auch soziale Anerkennung, Zeitstruktur, soziale
Interaktionen und inwiefern jemand Sinn im Leben sieht. Gleichzeitig finden wir
keine Auswirkungen auf Zeitpraferenzen oder Risikopraferenzen. Fur die Gemeinde
kdonnen wir einen starken Ruckgang der Zahl der von Langzeitarbeitslosigkeit
betroffenen Personen feststellen. Es gibt Belege fur positive Antizipationseffekte fur
kunftige Programmteilnehmer_innen im Vergleich zu nicht anspruchsberechtigten
Personen in den Kontrollgemeinden. Diese Effekte belegen, dass bereits die Aussicht
auf einen Arbeitsplatz positive Auswirkungen auf das Wohlbefinden, den sozialen
Status und die soziale Inklusion in die Gesellschaft hat. Gleichzeitig sind die positiven
Auswirkungen bestandig und gehen uUber die Anfangsphase des beruflichen
Wiedereinstiegs hinaus. Zentral erscheint dabei, dass das Arbeitsangebot im Rahmen
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der Jobgarantie als sinnvoll empfunden wird 6 sowohl von den Teilnehmer_innen als
auch vom Rest der Gesellschaft.

Das Programm erhdohte die Gesamtbeschaftigung um 555 Tage pro
teilnahmeberechtigter Person. Dieser Effekt ist nicht nur auf die direkte
Bereitstellung von Arbeitsplatzen zurtuckzufihren, sondern auch auf einen Anstieg
der ungeforderten Beschaftigung um 17 Prozent sowie eine Verdoppelung der
selbstandigen Erwerbstatigkeit. Kurzfristig fUhrte das Programm zu hdéheren direkten
Ausgaben des AMS. Mit zunehmenden Ubergangen in ungeforderte Beschaftigung
gingen die Nettokosten jedoch deutlich zurick. Zusatzlich wurden die Nettokosten
far die offentliche Hand durch héhere Steuer- und Sozialversicherungsbeitrage aus
Erwerbseinkommen reduziert, insbesondere nach den ersten 18 Monaten. Insgesamt
deutet der Rulckgang der Nettokosten im Zeitverlauf in Verbindung mit den
anhaltenden Einkommensgewinnen darauf hin, dass die langfristigen fiskalischen
und einkommensbezogenen Effekte die anfanglichen Investitionen in das Programm
Ubersteigen. Die Marienthal-Jobgarantie und ihre Evaluierungen liefern wichtige
Erkenntnisse und Evidenz, auf denen eine moderne Arbeitsmarktpolitik aufbauen

kann.

Parallele Studie: Eine parallele Studie von Hannah Quinz und Jorg Flecker am
Institut flr Soziologie der Universitat Wien basiert auf einem Mixed-Methods-Design
und qualitativen Interviews (Quinz und Flecker 2023). Auf der Grundlage ihrer
Interviews ordnen sie die Programmteilnehmer_innen in drei Gruppen sogenannten
dldealtypeno zu. Gruppe A besteht aus langzeitarbeitslosen Teilnehmer_innen mit
gesundheitlichen Problemen oder h&ufig unterbrochenen Beschaftigungsverlaufen,
die vor dem Programm die Hoffnung bereits aufgegeben haben, noch eine stabile
Beschaftigung zu finden. Diese Personen sind dankbar fur die Mdéglichkeit zur
Teilnahme an der Arbeitsplatzgarantie. Gruppe B ist bestrebt, auBerhalb des
Programmes wieder eine Beschéaftigung zu finden, und konzentriert sich daher auf die
Verbesserung ihrer Fahigkeiten. Im Gegensatz dazu hat Gruppe C aufgrund eines
negativen Schocks in ihrem Leben bereits jegliche Hoffnung auf eine
Wiederbeschéftigung aufgegeben und betrachtet den garantierten Arbeitsplatz als
eine Form der individuellen Erfullung und Uberbrickungsmoglichkeit hin zum
Ruhestand. Die Studie kommt zu dem Schluss, dass die positiven Auswirkungen des
Programms davon abhangen, dass den Teilnehmer_innen Arbeit angeboten wird, die
als sinnvoll empfunden wird, also ihrer individuellen Gesundheit und
Lebenssituation Rechnung tragt.

Ausblick: Zahlreiche Studien belegen den positiven Zusammenhang zwischen guter

Arbeit und Einkommen, wirtschaftlicher Sicherheit sowie sozialen Aspekten wie
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gesellschaftlichem  Zusammenhalt, Lebenszufriedenheit  und psychischer
Gesundheit. Durch die Marienthal-Jobgarantie konnten die direkten Auswirkungen
von Arbeit flr arbeitslose Menschen in einer international einzigartigen Feldstudie
kausal evaluiert werden. Die bisherigen Ergebnisse liefern jedenfalls wichtige Evidenz
far zukunftsweisende Arbeitsmarktpolitik. Diese stof3t international auf grol3es

Interesse und hat bereits zu entsprechenden Reaktionen gefuhrt.

So hat die EU-Kommission nach unserer Prasentation der vorliegenden Marienthal-
Jobgarantie-Evaluierung im Europaischen Parlament im Juni 2023 23 Millionen
Euro zur Verfigung gestellt, um Uber den Europaischen Fonds fur soziale
Innovationen (ESF+) Jobgarantie-Pilotprojekte in Europa zu unterstitzen. Die
Marienthal-Jobgarantie samt ihrer wissenschaftlichen Evaluierung wurde mit dem
Preis des britischen Rats fur Wirtschafts- und Sozialforschung (ESRC) und dem
europaischen Innovation in Politics Award ausgezeichnet. Aul3erdem wurde das
Projekt im Europaischen Parlament, der Europaischen Kommission, der
Organisation fur wirtschaftliche Zusammenarbeit und Entwicklung (OECD) und der
Internationalen Arbeitsorganisation der Vereinten Nationen vorgestellt und als
Musterbeispiel fur innovative Arbeitsmarktpolitik diskutiert. Olivier De Schutter, als
UNO-Sonderberichterstatter fur extreme Armut und Menschenrechte, hat seinen
jahrlichen Bericht der Jobgarantie gewidmet. Dieser baut mafgeblich auf der
vorliegenden Evaluierung der Marienthal-Jobgarantie auf und wurde dem UNO-
Menschenrechtsrat vorgelegt (UN Special Rapporteur 2023). Nach dem EU-
Ausschuss der Regionen hat im Herbst 2023 das Europaische Parlament eine
Resolution beschlossen, die die Einfuhrung von Jobgarantieprojekten mit Verweis
auf die Marienthal-Jobgarantie vorsieht (European Parliament 2023). Das
Pilotprojekt in Gramatneusiedl hat damit mafRgeblich zur Schaffung wichtiger

Evidenz zur Verbesserung der Arbeitsmarktpolitik beigetragen.

Weiterfuhrend ware es sinnvoll die beruflichen und sozialen Entwicklungen der
ehemaligen MAMGA-Teilnehmer_innen in den kommenden Jahren weiter mit jenen
der Kontrollgruppe zu vergleichen. Diese weitere wissenschaftliche Analyse scheint
sowohl aus ethischen Grunden gegenuber den ehemaligen Teilnehmer_innen wichtig,
wie auch zur Weiterentwicklung einer evidenzbasierten Arbeitsmarktpolitik.
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Abstract

We evaluate a guaranteed job program in Austria in 2020-2024. Our evaluation
is based on three approaches, pairwise matched randomization, a pre-registered
synthetic control at the municipality level, and a comparison to individuals in con-
trol municipalities. This allows us to estimate direct e ects, anticipation e ects,
and spillover e ects. We nd positive impacts on economic and non-economic well-
being. At the municipality level, we nd a reduction of long-term unemployment
and no negative employment spillovers. There are positive anticipation e ects on
well-being, status, and social inclusion. We estimate program costs of 237 Euro per
participant and month. Participant income increased by 102 Euro.
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1 Introduction

Employment, with appropriate wages and working conditions, can have numerous
bene ts. This includes both economic bene ts such as income and economic security,
and non-economic bene ts, such as social inclusion, recognition, and sense of purpose.
Consideration of such bene ts informs a recent resurgence of interest in job guarantee
programs as part of the social policy toolkit. Legislative initiatives proposing job guaran-
tees have been discussed on both sides of the Atlantic (Senate, [2023; Parliament, [2023).
Despite this widespread interest in job guarantee programs in the recent policy debate,
there exists little evidence on the impact of such programs, in particular for rich coun-
tries. In this paper, we evaluate a pilot programme that aimed to address this lack of
evidence { the MAGMA job guarantee program, which ran from 2020 to 2024 in Austria.
We study the impact of this program both on the participants themselves, and on other
residents of the same municipality.

In doing so, we contribute to the literature in three ways. First, we provide rig-
orous evidence, in a rich country context, on the impact of a policy that has received
much attention in the recent public debate. Second, we provide causal (experimental)
evidence on the non-monetary bene ts of employment, which have been suggested by
a large correlational literature outside economics, by recent willingness-to-pay estimates
for job amenities, and by an experiment (Hussam et al., [2022) for Rohingya refugees in
Bangladesh. Third, on a methodological level, our study provides a template for the
evaluation of small local policy pilots, where we leverage a range of experimental and
observational methods to obtain precise estimates of the e ects of this policy, including
anticipation and spillover e ects.

The MAGMA job guarantee program The MAGMA job guaranted? was a pilot pro-
gramme implemented by the Public Employment Service (Arbeitsmarktservice, AMS) of
Lower Austria in the municipality of Gramatneusiedl from October 2020 to March 2024.
We co-designed this policy experiment with the AMS, using pairwise matched random-
ization for program enrollment. MAGMA provided a guaranteed job to all residents of
this municipality who were long-term unemployed (12 months or more) or at risk of long-
term unemployment (9 to 12 months). Participation in the program was voluntary, but
everyone who was o ered a job after the two month preparatory training accepted the
opportunity. In total, 107 people participated in MAGMA over the 3.5 year duration of
the program. We describe this program in detail in Section [2|

The stated policy goal of the MAGMA program was to directly eradicate long-term

IMAGMA is short for \Modellprojekt Arbeitsplatzgarantie Marienthal," which translates as \model
project job guarantee Marienthal.” Marienthal is one part of the municipality of Gramatneusiedl.
Ninety years prior to our experiment, Marienthal was the location of a pathbreaking study on the impact
of long-term mass unemployment in the Great Depression (Jahoda et al.[[1933, \Die Arbeitslosen von
Marienthal."). We discuss the historical arc from the 1930s study to our experiment in Appendix



unemployment in the municipality, and thereby to improve participants’ economic and
social situation. In contrast to conventional active labor market policies (Card et al.|
2010), regular market employment was not a likely or expected outcome for most par-
ticipants. Correspondingly, our evaluation focuses on the impact of the program on the
well-being of participants along various economic and non-economic dimensions, and on
the impact on the municipality-level labor market overall.

Evaluation strategy We draw on several administrative data sources, including the
AMS internal registry, and data obtained from the national statistical agency, as well
as several surveys that we administered ourselves. Our evaluation of the job guarantee
program is based on three complementary approaches ]

Our rst approach uses pairwise randomization within pairs of participants who were
matched using baseline covariates; cf. |Athey and Imbens (2017). Participants are as-
signed by us to one of two groups, where the second group starts the program 4 months
after the rst one. This allows us to estimate the short-term direct e ect of the program
(net of possible anticipation e ects), by comparing participants across the two groups,
3-4 months after the start of employment for the rst group.

Our second approach uses the synthetic control method; cf. |/Abadie et al.| (2010).
We construct a synthetic control town for Gramatneusiedl, based on other towns in
the province of Lower Austrial’| The synthetic control town is a convex combination of
similar towns. The weights for this comparison were pre-registered before the start of the
program. This allows us to estimate total e ects of the program at the town level, on
both the treated and untreated, including anticipation e ects and potential spillovers on
non-eligible residents, in particular e ects on short-term unemployment.

Our third approach compares program participants to observationally similar individ-
uals in control towns. We conducted interviews with individuals who are residents of the
three main towns that are part of our synthetic control (Ebreichsdorf, Zeillern, Ru bach),
and who satisfy the participation criterion of at least 9 months of unemployment. We
additionally adjust for a rich set of baseline covariates in our regressions. This allows us
to estimate anticipation e ects in the short term by contrasting those not-yet-treated to
control town individuals, and total e ects in the long term, by contrasting those treated
to control town individuals.

The combination of our three evaluation strategies is attractive not only because it
lends robustness to our empirical ndings, but also because it allows us to separate out
direct program e ects on participants from anticipation e ects and equilibrium (spillover)
e ects. The experimental comparison identi es direct e ects. Comparison of future

2We registered a pre-analysis plan for evaluation strategy 1 and 2 for this study before the start of
the MAGMA program, at https://www.socialscienceregistry.org/trials/6706. Evaluation strategy 3 was
added later.

3Throughout this paper, we use \town" and \municipality" interchangeably.
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participants to control town individuals identi es anticipation e ects. The synthetic
control comparison identi es equilibrium e ects. We discuss this in greater detail in
Section 3.2

Main ndings Our main empirical ndings can be summarized as follows. For the
individual-level experimental comparison of current to future participants, we nd large
positive e ects of participation on economic well-being (employment, income, and eco-
nomic security). These e ects on employment and income are as expected, but they are
not entirely mechanical since (i) program participation is voluntary, and (ii) if individuals
had declined participation, they would still be eligible to receive unemployment bene ts.
We furthermore nd large e ects on a number of measures of well-being that have been
emphasized in the sociology of work, social psychology, and organizational behaviour
(Jahoda, 1982), and which have been summarized as the \latent and manifest bene ts"
of work, (Kovacs et al., 2019). This includes measures of time structure, activity, social
contacts, a sense of collective purpose, and social recognition.

Turning to municipality-level e ects, which we estimate using the synthetic-control
approach, our headline nding is a large reduction in municipality-level unemployment
due to the program. This in turn is driven by a near-elimination of long-term unemploy-
ment in Gramatneusiedl. We do not nd any systematic increase of short-term unem-
ployment, and thus no evidence of negative spillovers. Over the three and a half years of
the job guarantee, eligible workers spent 555 more days in employment, driven not only
by direct job provision but also by a 17 percent rise in unsubsidized employment and a
doubling of self-employment.

When we compare long-term unemployed individuals in control towns to program
participants, we nd e ects that are similar to those that we found in our experimental
comparison. The point estimates are almost identical for our headline outcomes (income
and economic security, employment and unemployment, and the latent and manifest
bene ts of work). The estimates from this comparison are slightly larger than the exper-
imental estimates for some other dimensions, however, including (subjective) well-being
and social status. This suggests the presence of some anticipation e ects; nevertheless,
most of the program bene ts only manifest after the start of employment. Considering
outcomes in subsequent years, we nd that the initial e ect sizes largely persist, with little
attenuation over time. This suggests that the bene ts of a guaranteed job are sustained
beyond the initial period.

We also evaluate program costs, both from the perspective of the AMS and from
the perspective of the public sector at large. The program raised direct costs for the AMS
in the short run, which were o set over time by increased transitions into non-subsidized
employment. Increased expenditures were furthermore partially compensated by both
revenues of the social enterprise, and increased tax and social insurance payments from
participants. Taking these into account, we obtain an estimated net cost of the program of
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237 Euro per participant and month, over the duration of the program, while participant
net income increased by 102 Euro over the same duration. The increase in net costs largely
re ects increased expenditures in the initial phase of the program. In the second half,
the net costs fell to 41 Euro per participant and month, while the increase of participant
net income rose to 228 Euro.

Unintended consequences: Theory versus evidence To interpret our ndings, it
is useful to put them in the context of economic theory. We do so in Appendix [A]
where we discuss two models of the labor market. The rst is a model of job search, with
endogenous search e ort of the unemployed. Eligibility to participate in the MAGMA job
guarantee starts after 9 months of unemployment. This might provide incentives to reduce
search e ort and prolong unemployment. Our search model suggests that this would lead
to lower job- nding rates before eligibility, and to rates that decline more steeply over
time, relative to the counterfactual of no job guarantee. Empirically, comparing hazard
rates out of short-term unemployment between Gramatneusiedl and the synthetic control
municipalities, we nd the opposite: Gramatneusiedl has higher transition rates out of
short-term unemployment, which decline less over time, relative to the control. There is
thus no evidence of reduced search e ort.

Our second model is a (static) model of labor demand with di erent types of workers,
some of whom are at risk of long-term unemployment. We assume that wages are (in
the short run) xed institutionally, by sectoral collective bargaining, and adjustments
in the local labor market happen via the employment margin. This is realistic in the
Austrian context. In this model, depending on the cross-derivative of aggregate output,
employment of ineligible workers might increase or decrease when a job-guarantee is
introduced. Our synthetic control estimates, discussed above, imply that there is no
signi cant increase or decrease of employment of ineligible workers. This suggests a
cross-derivative of aggregate output across types of workers close to zero.

Literature A large literature studies the e ectiveness of active labor market policies
(ALMPs) with a common conclusion that job search programs are somewhat e ective in
improving participants’ unsubsidized future employment prospects (Card et al., |2010), as
are (sectoral) training programs (Card et al., [2018; Katz et al., 2022) whereas public em-
ployment programs are not (Card et al., 2010, 2018). Two points are worth emphasizing
in this context. First, most existing studies focus on di erent outcomes, notably un-
subsidized employment and earnings after program participation (Heckman et al., [1999;
Card et al., 2010; Crepon and van den Berg, [2016; Card et al., 2018). By contrast, we
are primarily interested in the impact on the community and on participant welfare,
without an explicit policy objective for participants to enter unsubsidized employment.
Our study, thus, di ers from evaluations of transitional employment programs aimed at
improving unsubsidized employment after program participation (Hollister et al., 1984;



Couch, (1992} |Uggen, 2000; |Cook et al., 2015; Valentine and Redcross, 2015; Cummings
and Bloom, |2020).

Second, most evaluations emphasize individual outcomes (though more recently,
spillover e ects have become a more common focus in the labor market policy litera-
ture, e.g. Crepon et al.|[2013; [Ferracci et al. 2014} |Gautier et al.|[2018; Johnston and
Mas|2018; [Huber and Steinmayr 2021; Cheung et al.|[2025). We examine spillovers from
a job guarantee that plausibly creates additional jobs rather than redistributes existing
ones, as in job counseling. Our ndings contrast with evidence from India’s National
Rural Employment Guarantee Scheme, where Muralidharan et al.| (2023) document pos-
itive wage spillovers. Similarly, Imbert and Papp| (2015) and |[Franklin et al.[ (2024) nd
sizeable positive wage spillovers from public work programs on private sector wages in
India and Ethiopia, respectively.

Our study relates to recent evaluations of public employment schemes in India (Khera,
2011; Muralidharan et al., 2023; Banerjee et al., 2020), Ivory Coast (Bertrand et al.,
2017), and Malawi (Beegle et al., |2017), and an evaluation of the psychosocial value of
employment in Rohingya refugee camps (Hussam et al., 2022). Building on these studies,
we provide the rst experimental evaluation of a job guarantee program in a rich country
context.

Our paper also relates to the large literature on non-economic consequences of
(un)employment (Clark and Oswald, (1994; Korpi, 1997} |Strandh, 2001; Clark, 2003,
2000; Knabe et al., [2010; Huber et al., 2011; Young, |2012; [Haushofer and Fehr, [2014;
Avendano and Berkman, 2014; Brand, 2015). This literature nds strong associations of
(un)employment with well-being, and health. A number of papers rely on quasi exper-
imental variation to study non-economic bene ts (Kassenboehmer and Haisken-DeNew,
2009; Hetschko et al., 2014; Pohlan, [2019), which extends to participation in active la-
bor market programs (Baekgaard et al., 2024) and employment in direct job creation
programs (lvanov et al., 2020). Some studies focused on sub-groups such as disadvan-
taged youth or previous o enders have been able to demonstrate the causal e ect of
employment programs on well-being (Heller, 2014, 2022; |Aizer et al., 2024; Bhatt et al.,
2024). Relatedly, a series of recent papers in economics estimates willingness to pay for
a variety of job-related amenities (Ariely et al., 2008; Mas and Pallais, [2017; Kaplan and
Schulhofer-Wohl, [2018; Dube et al., 2022; [Maestas et al., |2023; |Caldwell et al., 2025),
building on the long literature on equalizing di erences (see Brown| (1980) and [Rosen
(1986)) for early contributions). An older psychological literature also examined the psy-
chological consequences of unemployment, e.g. |[Eisenberg and Lazarsfeld (1938)ﬂ Modern
work in sociology and social psychology describes non-economic bene ts of employment

4Lazarsfeld, a co-author of this review and pioneer in empirical social research methods led the
original Marienthal study (Jahoda et al., |1933) and later became president of the American Sociological
Association.



originating from the \need to belong" (Baumeister and Leary, 1995), and the \desire for
status,” (Anderson et al., 2015). We build on this tradition by providing causal evidence
on the e ects of employment on well-being for the population of long-term unemployed,
in contrast to both the older and more recent predominantly correlational evidence.

Roadmap The rest of this paper is structured as follows. Section [2 provides further
context and details regarding the MAGMA job guarantee program. Section [3 building
on our pre-analysis plan, details our experimental design and analysis, as well as the
construction of the synthetic control municipality, and discusses the formal interpretation
of our causal estimands. Section [4] discusses our empirical ndings, for each of the three
approaches, and evaluates the program costs. Section 5| concludes.

Appendix [A] discusses models of job search and of labor demand, in the context of
which we interpret our empirical ndings. Appendix [B| presents additional details on our
evaluation strategies, additional empirical ndings, and robustness checks. Appendix [C]
lists all the survey questions that were used to construct the indices for our empirical
analysis, as well as the sources on which these survey questions were based. Appendix
provides a detailed list of all the jobs that were created in both the market and non-
market sector, reports statements by program participants, and describes some of the
jobs that were created in greater detail. Appendix [E| contrasts |Jahoda et al.[ (1933) and
our study to discuss changes in the methodology of empirical social science over the last
90 years.

2 Background and program details

From October 2020 to March 2024, the Public Employment Service of Lower Aus-
tria (Arbeitsmarktservice Niederosterreich, AMS NO) piloted an intervention that aimed
to eradicate long-term unemployment and improve social, health, and well-being out-
comes for people in long-term unemployment, by bringing them back into employment.
The intervention provided a guaranteed job to people in long-term unemployment. The
intervention took place in the municipality of Gramatneusiedl in Lower Austria. Gra-
matneusiedl encompasses the settlement of Marienthal, where the historic \Marienthal
study™ on the consequences of unemployment took place in the early 1930s (Jahoda et al.|
1933).

All residents who were \at risk of long-term unemployment™ (unemployed for 9 to
12 months) or \long-term unemployed" (unemployed for 12 months or more) at baseline
were eligible to participate. The experimental sample includes all residents unemployed
for more than 9 months in September 2020.

Residents who reached the (higher) eligibility threshold of being unemployed for at
least 12 months after September 2020 were eligible to participate in the program, but
are not part of our experimental comparison. Over the duration of the program, there
were 112 eligible individuals, including 62 experimental participants and 50 late entrants.
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Out of those, 80 found a job, including 45 at the social enterprise founded by MAGMA,
22 on the regular labor market with a wage subsidy, and 13 on the regular labor market
without subsidy.

The duration for the project was set until March 2024, and the project had a budget of
EUR 7.4 million. A complementary study to ours (Quinz and Flecker, 2022), summarized
in Appendix [D.5} is based on a mixed-methods design and qualitative interviews. Their
evaluation was conducted independently, and does not overlap with any of our surveys.
The program implementation overlapped with the Covid-19 pandemic. The program
nevertheless took place as planned. We provide details in Appendix D.6

Preparatory training The program was implemented by the private service-provider
it.works|, which specializes in implementing active labor market programs for the AMS.
it.works provided preparatory training for participants, and continued counseling and
training after participants had taken up employment. The preparatory training phase
was scheduled for a maximum of 8 weeks, but durations were allowed to vary depending
on individual conditions and progress. Each participant received a tailored curriculum
according to her individual needs. This could include individual and group counseling,
skills development, support for initiatives proposed by participants, and assistance with
applications for health-related bene ts. Participants continued to be encouraged to take
up regular employment outside of the program, if available.

Guaranteed jobs After completion of the preparatory training phase, participants
joined the job guarantee program for up to 3 years. Participants were supported to

nd a job on the regular labor market. The AMS subsidized wages for such jobs, paying
100% of labor costs for the rst 3 months, and 66% of labor costs for the subsequent 9
months. Employers were legally allowed to re subsidized workers at any point during or
after the subsidy. However, they could reasonably expect to face di culties in obtaining
future referrals of job seekers by the AMS if they did so repeatedly. This provided an
incentive to continue to employ these subsidized workers.

Those participants who remained without job placement received an employment o er
with a newly established social enterprise operated by it.works. All participants were paid
the occupation- and experience-speci ¢ minimum wage, as set by collective bargaining in
Austria. This included both those employed at it.works, and those working for private
employers. This minimum wage of around EUR 1,500 per month in 2020, compared to
an average monthly wage of EUR 3,308 in the municipality/]

The social enterprise implemented projects at the municipal and regional level. This
involved activities such as childcare, gardening, renovation, and carpentry, depending on
orders acquired by the enterprise. In addition, participants were supported to develop
and propose their own ideas for projects of the social enterprise, based on their expertise

5By 2023, the minimum wage had increased to around EUR 1,700.
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and local knowledge of community needs. Examples of projects proposed by participants
included a workshop to renovate furniture, maintenance of public gardens, support for
elderly residents in their day-to-day activities, planning and construction of a bike trail,
and refurbishment of the local museum. provides a detailed list of all the jobs
that were created, in both the market and non-market sector, describes some of the jobs
that were created in greater detail, and reports statements by some of the participants in
the program. [Figure A.9]in [Appendix D] shows photos of program participants at work,
in carpentry, bee keeping, and tailoring.

A speci c e ort was made to create productive and meaningful employment that is
adequate to the participants’ previous jobs and interests, and tailored to their individual
needs. Participants who were only available to work part-time, given their other obliga-
tions, received a corresponding part-time o er. Participants who could carry out only a
limited number of tasks for health reasons similarly received a corresponding o er. Social
workers and instructors continued to provide support to employees of the social enterprise
as needed. Participants had access to occupational physicians. Those participants that
felt ready to work for third-party employers received targeted support and additional
counseling to apply and nd employment outside of the program.

Voluntary participation Regular unemployment bene ts in Austria replace 55 percent
of previous net earnings, with additional supplements for dependents, and are available
six to twelve months (depending on work history and age). Thereafter, bene ts decline
slightly, and are means tested on personal income, but are available inde nitely. Receipt
of unemployment bene ts requires active job search, which is monitored by the AMS.

Outside the pilot program, according to current law (Arbeitslosenversicherungsgesetz
AIVG 89), recipients of unemployment bene ts are assigned to labor market programs
by the AMS, and they have the obligation to participate in these programs and to accept
any employment o er that conforms to their skill set. If they do not, they might lose
their unemployment bene ts.

By contrast, within the job guarantee program only participation at the information
event and during the preparatory training phase were subject to this conditionality, while
take-up of employment o ered as part of the job guarantee was voluntary; there were no
sanctions in case a job o er was declined by participants.

Timeline for the intervention The program was rolled out in two waves, and launched
in October 2020. At that time the tailored curriculum and coaching started for the rst
group of 31 participants. In December 2020, this rst group of participants were scheduled
to start their employment. In February 2021, the tailored curriculum and coaching started
for the second group of 31 participants. We conducted our rst round of surveys just
after the start of training for this second group. In April 2021, the participants in this
second group were scheduled to start their employment. The program was set to continue


https://www.ris.bka.gv.at/GeltendeFassung.wxe?Abfrage=Bundesnormen&Gesetzesnummer=10008407
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Figure 1: Timeline of the Evaluation

Group 1 JG Both groups JG
/'/\/ "~ ~
"'i::i:":::::::::i::':::::::::i:::::::::::i::::
Gr 1 training 2021 2022 2023 2024
Gr 2 training
First survey Second survey

for (at least) 3 years, up to March 2024.

In addition to obtaining administrative data, we collected detailed survey data from
both participants and similar individuals in control towns. Our rst survey was conducted
in February 2021, when the rst group of participants was in employment, but the second
group was not yet. Our second survey was conducted in February 2022, when both groups
were in employment. In both years, some participants were allowed to complete the survey
in March, to minimize attrition. Figure [I] summarizes this timeline.

3 Study design

Sample selection The set of participants who were eligible for the job guarantee pro-
gram included all current residents of Gramatneusiedl registered with the AMS who were
\at risk" of long-term unemployment (i.e., had been unemployed for between 9 and 12
months) or in long-term unemployment (unemployment spell exceeding 12 months).ﬁ] The
de nition of unemployment used here is the AMS de nition of \beschaftigungslos.”™ This
de nition implies that the duration of unemployment is measured regardless of whether
individuals have participated in active labor market programs of the AMS during their
unemployment spell. It also includes those who have registered sick leave for less than
62 consecutive days, or have attempted to take up employment but were employed for
less than 62 consecutive days since the start of the unemployment spell. The count of
the unemployment spell duration starts again from zero if a formerly unemployed person
returns to unemployment from sick leave or employment that lasted longer than 62 days.

Outcomes of interest We estimate the e ect of program participation on a range of
economic and social outcomes. These outcomes are listed and de ned in
in Appendix [Cl The rst set of individual-level outcomes are based on administrative
data sources. These include employment status and duration of unemployment, from the
\AMDB Erwerbskarrieremonitoring."

The second set of individual-level outcomes are based on surveys that we conducted in
February 2021 and in February 2022. The complete list of survey questions corresponding
to each of these outcomes is listed in We collected information on a rich

5The description in this section follows our pre-analysis plan.
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set of economic outcomes (in particular income and economic security), as well as non-
economic outcomes. For non-economic outcomes, we construct a range of indices, on the
\latent and manifest bene ts" of work, measures of mental and physical health, subjective
well-being, social inclusion and recognition, etc. Our construction of these indices follows
established practice in survey design, sociology, psychology, and public health; cf. again
for references and details.

To enable a compact presention of our results in Section 4, we normalize all individual-
level outcomes, such that higher values correspond to \better" outcomes, and such that
the range of these variables is the interval [0; 1]; cf. [Table A.10]

The third set of outcomes, de ned at the municipality level, is again based on admin-
istrative data from the \AMDB Erwerbskarrieremonitoring.”" We observe, in particular,
the share of the population in each municipality that is in short- and long-term unem-
ployment, employment, and out of the labor force (\inactive™).

Motivating our focus on non-economic outcomes A key feature of our evaluation is
the focus on non-economic outcomes, beyond employment and income, and in particular
on the \latent and manifest bene ts of work." This focus deserves some justi cation.

We note, rst, that transition rates from long-term unemployment to unsubsidized
market employment are very low (around .12 per month) for the population of interest.
Recognizing this, the policymaker’s declared objective for MAGMA has not been to
faciliate such transitions, but instead to improve participant well-being: As stated by
Sven Hergovich, who initiated MAGMA\\It is better to directly employ people than to
manage them in unemployment because work provides support, meaning, structure and
dignity."

Second, there is a growing empirical literature in economics recognizing that work-
ers value employment for dimensions other than earnings, see for instance |Ariely et al.
(2008) for meaningful work, Mas and Pallais (2017) for scheduling exibility, [Kaplan and
Schulhofer-Wohl| (2018) for happiness, stress and meaning, Dube et al.| (2022) for dig-
nity at work, Maestas et al. (2023) for working conditions more broadly, and Caldwell
et al.| (2025) using evidence on the willingness to switch employers. This recognition
in economics mirrors a long-standing focus on the non-economic dimensions of work in
sociology; see e.g., Jahoda (1982), on whose work we build here.

Third, moving beyond the framework of utilitarian welfare economics that is implicit
in willingness-to-pay estimates for job amenities such as those referenced above, there
are normative reasons to intrinsically care about these non-economic dimensions of well-
being. [Rawls (1999), for instance, includes not only basic rights and liberties as well as
income among his \primary goods," but also opportunities and the social bases of self-
respect. More broadly, 'Sen| (1995) argues that individual well-being should be evaluated
in terms of the \capabilities to function™ in society, which again depend not only on
economic means but also on aspects such as social inclusion, networks, and status.
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3.1 Three identi cation approaches

In order to assess the impact of the guaranteed job program, we consider three con-
trasts. First, we compare the outcomes of participants in two groups, where Group
2 started the program later than Group 1. Assignment to these groups is based on
pairwise randomization, where pairs are matched on baseline covariates. The pairwise
randomization approach reduces sampling variability, relative to full randomization. The
comparison of the two groups delivers credibly identi ed treatment e ects (average direct
e ect on the treated, net of anticipation e ects). It is restricted, however, to short-term
individual-level outcomes measured in February 2021, before the second group of par-
ticipants started their jobs. Furthermore, the control group might be impacted by the
anticipation of future program receipt.

Second, we estimate municipality-level treatment e ects by comparing Gramat-
neusiedl to a synthetic control. This comparison allows us to estimate equilibrium ef-
fects and spillovers at the municipality level, which might, for instance, be driven by the
crowd-out of jobs, by consumer demand e ects of those participating in the program,
or by a re-allocation of resources of the labor market service agency. This synthetic
control comparison captures e ects on residents who were not eligible to participate in
the program because they were not long-term unemployed. This includes the short term
unemployed, who numbered between 82 and 141 individuals in any given month during
the program period.

Third, we construct a control group of long-term unemployed residents of the synthetic
control municipalities, who would have been eligible to participate in the program had
they been residents of Gramatneusiedl. This comparison allows us to estimate treatment
e ects which are not a ected by anticipated program participation, and to estimate
longer-term e ects of program receipt.

Approach 1: Pairwise randomization We assigned program participants to one of
two groups using pairwise randomization. We matched pairs using a number of covari-
ates[] including gender, age, \migration background" (i.e., being a migrant or child of
migrants), education (i.e., more than \P ichtschule,” the legally required minimum),
presence of a disability or medical condition recorded by the AMS, the level of bene ts
most recently received (which is closely correlated with prior income), and the number
of days recorded as unemployed and looking for a job within the last 10 years. We
constructed these variables from raw data for the eligible participants using the AMS
internal registry (AMS Data Warehouse). All of these variables were used as available
to the AMS in September 2020. These data were recorded at the last prior interaction

"The code implementing the following designs has been uploaded to GitHub, at
https://github.com/maxkasy/Marienthal, prior to the start of the MAGMA program. For the
matched pair design, we used the package nbpMatching in R, for the synthetic control design we used
the package Synth.
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between each of the participants and the AMS.

We calculated pairwise distances between all 62 program participants using the Ma-
halanobis distance, based on these covariates. The Mahalanobis distance of two co-
variate vectors X; and X, that are realizations of a random vector X is given by
d(Xy; %) = (X1 Xp) Var(X) 1 (X; X). We matched participants into pairs such
that the total sum of distances between the members of each matched pair is minimized.
We then randomly assigned one of the participants in each pair to Group 1, starting
the program earlier, while the other participant was assigned to Group 2, starting the
program later. Summarizing the resulting assignment, shows the di erences in
covariate means between groups, and the corresponding (naive) t-statistics. Con rm-
ing that our procedure worked as intended, all available covariates are balanced across
groups.

Table 1: Covariate balance for our matched pair design

Covariate Mean Group 1 Mean Group 2 Di erence t-statistic p-value
Male 0.581 0.581 0.000 0.000 1.000
Age 44.452 44.935 -0.484 -0.165 0.869
Migration background 0.323 0.355 -0.032 -0.264 0.793
Education 0.452 0.452 0.000 0.000 1.000
Health condition 0.290 0.323 -0.032 -0.271 0.787
Bene t level 29.839 29.839 0.000 0.000 1.000
Days unemployed 1721.871 1600.839 121.032 0.483 0.631

Approach 2: Synthetic control Our second approach is based on the construction of a
synthetic control municipality for Gramatneusiedl. For this construction we draw on data
from various sources, including (i) the AMS internal registry for administrative data on
the unemployed, (ii) the \occupational-career monitoring™ (Erwerbskarrierenmonitoring,
EWKM), accessed via the AMS internal registry for social security registry data, and (iii)
the national statistical agency (STATcube - Statistische Datenbank of Statistik Austria)
for population and communal tax data. All data were retrieved in September 2020.

We constructed a synthetic control municipality in two steps. In the rst step, we
selected a subsample of 5% of the available municipalities in the state of Lower Austria
(25 out of 505 municipalities) that are most similar to Gramatneusiedl. None of these mu-
nicipalities experienced relevant changes of labor market policy or other major economic
shocks during the study period. Similarity is again measured in terms of the Mahalanobis
distance in covariate space. The covariates used are listed in [Table A.1l in [Appendix B|
The averages of these covariates for both Gramatneusiedl and the (synthetic) control
municipalities are shown in[Table A.2| in [Appendix Bl Most of our covariates are based
on observations for the year 2019 (as measured in December). In addition to these co-
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variates, we also included some covariates measured in July of 2020, after the onset
of the Covid pandemic, to control for possibly heterogeneous impacts of this pandemic
across municipalities. The averages of these covariates are shown in the bottom panel of
Table A.2l

In the second step, we constructed a synthetic control based on these 25 municipali-
ties, using the approach described in|Abadie et al.| (2010) and reviewed in Abadie (2019).
This synthetic control is chosen to match the same list of covariates used in the rst step
(where we selected a subsample of municipalities), as well as additionally the trajectory of
unemployment rates (i.e., the number of unemployed as a share of the working age popu-
lation; monthly unemployment numbers are averaged across the year) in Gramatneusiedl
from 2011 to 2020, that is, for the 10 years preceding the intervention. Unemployment is
the primary municipality-level outcome of interest in our analysis below. Program e ects
on unemployment include direct, anticipation, and equilibrium e ects.

The resulting weights are shown in the table at the left of [Figure 2, which lists all
municipalities with non-negligible weights. The location of these municipalities is shown
in [Figure A.2 in [Appendix Bl The right side of shows the time series of the
predicted unemployment rate using the synthetic control, and the corresponding realized

time series of unemployment for Gramatneusiedl in the 10 years preceding the interven-
tion. [Table A.2lin[Appendix B|similarly compares the covariate values for Gramatneusied|
with those for the synthetic control as well as those for each of the municipalities with
positive synthetic control weights.

Figure 2: Synthetic control weights, and unemployment trajectory

Weight  Municipality Gramatneusied|, and synthetic control.
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Approach 3: Individual-level comparison to control municipalities Our third
approach is based on data for individuals from the three municipalities with the largest
weight in the synthetic control (Ebreichsdorf, Zeillern, Ru bach). Taken together, the
weights of these three municipalities constitute 82.4% of our synthetic control. We con-
structed a control group for program participants in Gramatneusiedl from the set of
long-term unemployed individuals in these three municipalities. We consider all indi-
viduals who were unemployed for at least 9 months as of September 2020; this is the
eligibility criterion for program participation in Gramatneusiedl.
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We conducted two surveys in the control municipalities, in February 2021 and in
February 2022. We furthermore have administrative data for all these individuals, in-
cluding the same set of baseline covariates that was used for the construction of matched
pairs in our experimental design. We obtain a sample of 71 individuals who answered all
survey questions and satisfy the inclusion criteria. Of these 71 individuals, the majority
are from Ebreichsdorf (62 individuals); the remainder are from Ru bach and Zeillern.
Our third approach compares the outcomes of these individuals in the control towns to
the outcomes of program participants (Group 1 in February 2021, and both Group 1 and
2 in February 2022), as well as future program participants (Group 2 in February 2021)
in Gramatneusied|.

While the control municipalities are chosen to be similar to Gramatneusiedl, this does
not necessarily imply that the long-term unemployed in these municipalities are similar
in terms of their demographics. For suggestive evidence that the sample of control town
individuals is in fact similar to the set of participants, we again compare their baseline
covariates. [Table A.4] in [Appendix B| shows that there are no signi cant di erences in
baseline covariate means across the towns considered, with the exception of bene t lev-
els, which are slightly higher among control individuals (potentially biasing our e ect
estimates downwards), and (marginally) age, which is also higher in the control towns.
When estimating individual-level contrasts to control municipalities, we adjust for base-
line covariates. This corrects for any remaining imbalances of covariates between the
long-term unemployed in Gramatneusiedl and in the control municipalities; for a causal
interpretation of these estimates we thus do not require balance of baseline covariates.
We do, however, rely on the assumption that unobservables are balanced conditional on
observables.

3.2 Causal interpretation of estimands

Spillover and anticipation e ects In order to discuss the interpretation of our esti-
mates in terms of spillover e ects and anticipation e ects, it is useful to introduce some
formalism, where we loosely follow the approach of (Graham et al.| (2010). Let Y; denote
an outcome for individual 1, such as employment status or income. Let D; denote current
eligibility for the job guarantee, and Di+1 future eligibility, at some xed time horizon.
Let D be the share of long-term unemployed in the municipality who are currently eli-
gible. Let nally ; be a vector of unobserved individual characteristics, which are not
a ected by the program. We can then assume that

Y; = g(Di; D D; ) 1)

where g is a structural function determining counterfactual outcomes. The dependence
of g on D captures direct treatment e ects, the dependence on D** captures anticipation
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e ects, and the dependence on D captures equilibrium (spillover) e ects. Let L; be an
indicator for unemployment longer than 9 months as of September 2020, which deter-
mines eligibility for participation in our experiment, and let expectations average over the
distribution of unobserved heterogeneity ; for the treated municipality, Gramatneusiedl.

Identifying contrasts With this notation, we can now describe the identi ed averages
from our three evaluation approaches in structural terms. provides a mapping
from these averages to the structural notation. Correspondingly, provides a
mapping from the contrasts we have been discussing so far to the corresponding average
structural e ects. For simplicity of notation, we neglect any possible non-stationarity in
the distribution of ;; in principle, everything should be subscripted by time t.

Table 2: Identi ed averages

Group 1, Feb 21 E[g(1;1;%; HjLi = 1]
Group 2, Feb 21 E[g(0; 1; %; DjLi = 1]
Both groups, after April 21 Elg(1;1;1; y)jL;i =1]
Control town individuals E[g(0;0;0; )jL; = 1]

Short-term unemp, GN, after April 21 EJ[g(0;0;1; ;)jL; = 0]
Short-term unemp, synthetic control  E[g(0;0;0; ;)jL; = 0]
Total unemp, GN, after April 21 Elo(Li; Li; 1; )]
Total unemp, synthetic control E[g(0;0;0; )]

Table 3: Identi ed e ects and roadmap

Contrast Identi ed e ect Interpretation Figures & Tables
February 2021
Group 1 vs. Group 2 Elg(1;1;%; i) 09(0;1;3; djLi =1] Average direct e ect [Figure 3| [Figure 4
on the treated Table 4

Group 2 vs. control town E[g(0;1; %; i) 9(0;0;0; )jL;i =1] Average anticipation e ect |Figure 10] IFigure 11
on the treated Table 5| [Table 6

After April 2021

Group 1 & 2 vs. control town E[g(1;1;1; i) ¢(0;0;0; )jLi =1] Average total e ect [Figure 10| |Figure 11
on the treated
Gramatneusiedl vs. synth E[9(0;0;1; ;) g(0;0;0; )jL; =0] Average spillover e ect [Figure 5| [Figure 6|
(short-term unemp) on the untreated
Gramatneusiedl vs. synth Elg(Li;Li;1; )  9(0;0;0; ] Average total e ect [Figure 5| [Figure 6|

(total unemp)

Let us interpret these identi ed objects, as listed in The experimental com-
parison of Group 1 to Group 2, in February 2021, identi es an average direct e ect on
the treated, where both spillover e ects and anticipation e ects are held constant across

8Note that anticipation e ects also matter for the currently treated, who might or might not expect
to be treated in the future.
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the two groups. The comparison of both groups, after April 2021, to control town indi-
viduals identi es the average total e ect on the treated, which incorporates direct
e ects, anticipation e ects, and spillover e ects.

The comparison of Group 2 to control town individuals, again in February 2021,
identi es a combination of spillover and anticipation e ects. Under the additional as-
sumption that these eligible individuals are not impacted by spillover e ects, so that
E[9(0;1;%; §)jLi = 1] = E[g(0; 1;0; ;)jL; = 1], this contrast identi es the average an-
ticipation e ect on the treated, E[g(0;1;0; ;) g¢(0;0;0; ;)jL; = 1]. This assumption
is plausible, because all Group 2 individuals in February 2021 expected to participate in
the job-guarantee shortly, and would not apply to jobs outside the program that could
possibly be crowded out by Group 1 participants. If this assumption is violated, then
our estimates of anticipation e ects are contaminated by spillovers.

Turning to our synthetic control comparisons, the identi ed object depends on the
outcome considered. For short-term unemployment, the comparison of Gramatneusiedl
to the synthetic control identi es the average spillover e ect on the untreated. Here
we assume that there are no anticipation e ects impacting the short-term unemployed,
who are not currently eligible for program participation, but might become so after a
longer term.

For total unemployment, the comparison of Gramatneusiedl to the synthetic control
identi es the average total e ect of the program. This e ect combines the average
total e ect on the treated, E[g(2;1;1; ;) 9(0;0;0; )jL; = 1], and the average spillover
e ect on the untreated, E[g(0;0;1; ;) 9(0;0;0; )jL; =0], i.e.,

Elg(Li;Li;1; ) 9(0;0;0; 9] =E[9(1;1;1; i) 9(0;0;0; i)jLi =1] P(Li =1)+
E[9(0;0;1; i) 9(0;0;0; )jLi =0] P(Li=0): (2)

3.3 Inference

Individual-level randomization inference To perform inference for individual-level
treatment e ects in the pairwise randomized experiment, we consider permutations of
treatments, that is, randomization inference. This approach allows us to test the null
hypothesis that the intervention had no e ect, that is, Y;! = Y,° for all individuals i and
potential outcomes Y;*; Y.

We re-assign treatment at random within each of the matched pairs of participants.
For this counterfactual treatment assignment, we can re-calculate any given test-statistic,
such as the di erence in means between groups. Repeating this process many times, we
calculate the share of re-assignments for which the di erence in means is bigger than the
realized value of the di erence in means. This share is the p-value for the null hypothesis
of no e ects.

Following our pre-analysis plan, we report one-sided p-values, testing the null of no
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e ects against the alternative of positive e ects. Because the randomization distribution
under the null hypothesis of no e ects is symmetric around 0, two-sided p-values can be
calculated by doubling the one-sided p-values.

Municipality-level permutation inference for the synthetic control Our infer-
ence for the synthetic control method relies on the permutation approach as described
in /Abadie et al. (2010). This approach is analogous to the randomization inference ap-
proach at the individual level. We consider Gramatneusiedl and each of the 25 control
municipalities based on which the synthetic control for Gramatneusiedl was constructed.
For each of these, we calculate a synthetic control based on the other 25 municipalities
and use this synthetic control to predict outcomes in the post-intervention period. The
share of these municipalities for which the resulting gap between realized and predicted
outcomes is larger than for Gramatneusiedl can then be interpreted as a p-value for the
null-hypothesis that the intervention had no e ect on these outcomes for Gramatneusiedl.

Power The size of the initial cohort of MAGMA participants was fairly small, with
62 participants in the initial treatment group. This is compensated, however, by the
magnitude of the intervention, and by the fact that it was geographically concentrated.
For these two reasons, and given our design which aims to minimize sampling variability,
our study is adequately powered to estimate both individual-level and municipality level
e ects. In particular, our standard errors for individual-level outcomes with range [0; 1]
are on the order of .04 to .07, while the estimated treatment e ects for our headline
outcomes range from about .1 to .55. These standard errors are lower than for a classic
RCT because of pairwise randomization.

Regarding power for detecting municipality-level spillover e ects, permutation infer-
ence for the synthetic control estimates would designate an increase of short-term unem-
ployment of more than 1% as signi cant at the 10% level. If each person employed in the
program were to displace a job on the regular labor market, this would imply an increase
of short-term unemployment by almost 50% from 3 to 4.5 percentage points, or about 60
persons out of a labor force of around 4,000, as of January 2022. Such an increase would
be signi cant at the 5% level.

Attrition and survey non-response We made an e ort to keep attrition to a minimum.
We could follow all individuals through administrative data. We thus have complete data
for employment outcomes, in particular, in both Gramatneusiedl and the control towns.

For the surveys in Gramatneusiedl, we achieved a survey response rate of 73% in
2021 (with complete questionnaires for 69%) and of 77% in 2022 (with complete ques-
tionnaires for 73%). Only seven individuals did not participate in either of the surveys.
We achieved lower response rates in the control towns, with 34% in 2021 and 30% in
2022. We adjust for baseline covariates (covariate means are reported in when
comparing individual outcomes across towns, to mitigate the impact of possibly selective
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non-response. To test for selective non-response, we furthermore perform balance tests.
We do not nd any signi cant di erences in covariate means, as would be expected in
the absence of di erentially selective non-response { with the exception of bene t levels,
which are slightly higher among control individuals. (Table A.3|-/Table A.5). As a further
robustness check, we nally estimate bounds on e ects in the spirit of |Lee (2009) and
Semenoval (2025), to account for selective non-response. These bounds are reported in
Tables and A7

4  Findings

We are now ready to discuss our empirical ndingsf| Our headline ndings are sum-
marized by Figures [3 through [1] in this section, as well as Figures [A.4] through [A.6] in
Individual-level estimates are also shown numerically in through
Table 6] Individual-level outcomes and outcome indices in these gures and tables are
normalized as follows: (i) They have a potential range from 0 to 1, and (ii) higher values
represent \better" outcomes (e.g., lower unemployment, higher income, lower anxiety,
etc.).

[Table 7| and [Figure 12| at the end of this section show our analysis of program costs;
[Table A.8 and [Table A.9|in the appendix decompose these costs across time. Additional

gures with results for further outcomes, alternative identi cation approaches, con dence
intervals, and robustness checks can be found in[Appendix B| [Table 3| provides a roadmap
through the ndings presented in this section and in the appendix.

4.1 Experimental comparison

We rst consider the experimental comparison between program participants in Group
1, who started employment in December 2020, and participants in Group 2, who started
employment in April 2021. We estimate the short-term individual e ects of the program
by comparing Groups 1 and 2 using data from February 2021, from both administrative
sources and a survey that we administered.

[Figure 3], [Figure 4], and [Table 4] show estimates for this experimental comparison. The
left panels in both gures shows average outcomes for the treatment and control group,
adjusting for covariates. The right panels shows p-values for the null of a zero treatment

e ect. These p-values are based on randomization inference, using 1000 simulation draws,
where we permute treatment within pairs. Random permutation within pairs corresponds
to our experimental design using pairwise matched randomization.

All of these estimates should be interpreted as \intention to treat” e ects. If we make
the additional assumption that all e ects are mediated by employment, these estimates
can be scaled up by the e ect of treatment on the probability of employment on a random

9The code implementing the following analysis has been uploaded to GitHub, at
https://github.com/maxkasy/Marienthal _Analysis.
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day, which yields instrumental variable estimates of the local average treatment e ect of
employment. The e ect of assignment on employment is estimated to be around .5, so
that the corresponding instrumental variable estimates of all treatment e ects would be
about double the reported intention to treat e ects.

The estimates in[Figure 3| [Figure 4, and [Table 4| control linearly for baseline covariates
(the same covariates as listed in [Table 1)), to adjust for potential non-random attrition
in the survey. [Figure A.7| and [Figure A.8| in [Appendix Bl display analogous ndings
without controls, and with controls for pair xed e ects. In both cases, the resulting
estimates are close to those in our preferred speci cation using linear controls.
in [Appendix B] further shows con dence intervals for treatment e ects, based on robust
standard errors for the regressions with linear controls. As an additional robustness check
to account for possible selective attrition, we consider bounds in the spirit of |Lee (2009),
modi ed to account for selection on observables in the spirit of Semenoval (2025). See
[subsection B.5| in the appendix for details and the resulting bounds.

Findings For economic outcomes (shown in the top panels of [Figure 3| and [Table 4),
measured using both survey and administrative data, we nd highly signi cant positive
e ectsY) Unemployment is strongly reduced in Group 1 through program participation.
This is not due to transitions out of the labor force (e.g., to early retirement or disability
status). Instead, our estimates show that this e ect is fully driven by the increase in
employment.

Participants who accept a guaranteed job increase their income. The estimates shown
in [Figure 3] and [Table 4] imply an average increase of 392 Euro per month, from an
average of 888 Euro to an average of 1280 Euro per month. While the control group,
Group 2, receives unemployment bene ts, the treatment group, Group 1, enters jobs
that are remunerated according to the oor set by collective bargaining in Austria, for
the respective occupation and experience categories. Correspondingly, as shown by our
estimates, program participation results in both increased income and economic security.

Turning to non-economic outcomes (bottom panels of and middle panel
of [Table 4), we see a more heterogeneous picture. For some outcomes, in particular
those related to social status, subjective health, mental health, social network, number
of contacts, and preferences, we do not nd a signi cant e ect. Disaggregating the
preference index into its components in and the bottom panel of [Table 4, we
correspondingly nd no e ects on risk- or time-preferences, or personality traits. These

ndings provide a placebo test of our experimental design and identi cation approach.
A priori, it would not be plausible to nd short-term e ects of employment on physical
health or preferences. The fact that we indeed do not nd such e ects increases our

10Recall the normalization of these outcome variables from [Table A.10; Employment and unemploy-
ment are de ned as the share of days since the program started, and the monthly income is divided by
2000.
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con dence that survey answers are not driven by interviewer demand e ects, in particular.

By contrast, we do nd large and signi cant e ects of the program on Covid stress,
subjective well-being and its change over time, and in particular on the index measuring
the \latent and manifest bene ts" of work. Disaggregating the latter again,
and the bottom panel of [Table 4| show signi cant e ects of participation on several com-
ponents of this index, including activity, social recognition, and nancial strain, and
positive but marginally insigni cant e ects on time structure, collective purpose, and
social interactions.

P-values in [Figure 3] and [Table 4] are for single hypotheses. To adjust for multiple-
hypothesis testing, we apply the Benjamini-Hochberg (BH) procedure, to control the
false discovery rate['] Applied to the estimates in the top two panels of all
test decisions are robust to the BH procedure, with the exception of the e ect on the
Well-being scale, which becomes marginally insigni cant at the 5% level.

These e ects are remarkable not only in their own right, but also because of the
historical importance of Marienthal, which was the location of the original Jahoda et al.
(1933) study, and because of the literature on the sociology of work which connects our
study to Jahoda et al. (1933). The LAMB scaIeF_Z] was developed to quantify Jahoda’s
insight (Jahoda, 1982), based on the Marienthal study and subsequent work, that

"[individuals] have deep-seated needs for structuring their time use and
perspective, for enlarging their social horizon, for participating in collective
enterprises where they can feel useful, for knowing they have a recognised
place in society, and for being active."

The LAMB scale measures these \latent™ bene ts (time structure, activity, social contact,
collective purpose, and social recognition), in addition to the \manifest” material bene ts
(income) resulting from employment. Jahoda’s insights regarding the detrimental impact
of unemployment, as witnessed in the Great Depression, are thus quantitatively validated
by our experimental study a century later, in the same location, in a program where we
document the positive impact of employment on the formerly unemployed.

1This procedure works as follows. Sort the p-values, for each of the m hypotheses, tested by size,
resulting in ordered values Pjy. For a critical value , nd the largest value k such that P, % :
Reject the null hypothesis for all i = 1;:::;k.

2\We thank Adam Coutts for pointing us to this line of work in sociology (Kovacs et al., 2017, 2019;
Knight et al., |2020).
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Table 4: Experimental estimates with linear controls

Economic outcomes

Outcome Treated Control Di erence p-value SE n; ny

Employment 0.528 0.064 0.464 0.000 0.070 31 31

Not unemployed 0.687 0.148 0.540 0.000 0.067 31 31

Income 0.640 0.444 0.196 0.000 0.072 19 19

Economic security 0.592 0.443 0.149 0.004 0.055 21 22

Other outcomes
Outcome Treated Control Di erence p-value SE n; np
Latent and manifest bene ts 0.675 0.568 0.108 0.001 0.042 21 22
No covid stress 0.868 0.668 0.200 0.003 0.072 20 22
Well-being scale 0.732 0.584 0.148 0.033 0.076 20 22
Well-being change 0.728 0.602 0.125 0.055 0.080 21 22
Social inclusion 0.761 0.522 0.240 0.083 0.198 21 22
Physical health 0.831 0.759 0.072 0.119 0.054 20 22
No anxiety symptoms 0.806 0.759 0.048 0.310 0.082 20 22
No depression symptoms 0.689 0.644 0.045 0.311 0.072 20 22
Social network 0.755 0.737 0.018 0.399 0.064 12 12
Number of contacts 0.551 0.518 0.033 0.455 0.258 21 22
Preferences 0.461 0.460 0.002 0.484 0.032 21 22
Subjective health 0.428 0.428 0.000 0.512 0.065 20 22
Social status 0.590 0.604 -0.013 0.614 0.052 21 22
Disaggregated outcomes

Outcome Treated Control Di erence p-value SE n; ny
LAMB: nancial strain 0.641 0.442 0.199 0.003 0.073 21 22
LAMB: social recognition 0.753 0.615 0.138 0.029 0.080 21 22
Social inclusion: contacts 0.944 0.426 0.518 0.030 0.347 21 21
LAMB: activity 0.667 0.555 0.111 0.057 0.056 21 22
LAMB: social interaction 0.654 0.569 0.085 0.123 0.068 21 22
Preferences: reciprocity 0.737 0.673 0.064 0.132 0.061 20 22
LAMB: collective purpose 0.616 0.553 0.063 0.157 0.065 21 22
LAMB: time structure 0.721 0.670 0.050 0.173 0.061 21 22
Preferences: altruism 0.489 0.463 0.027 0.322 0.057 20 22
Preferences: trust 0.484 0.446 0.038 0.330 0.087 20 22
Preferences: risk 0.390 0.381 0.009 0.388 0.046 20 22
Social inclusion: relationship 0.572 0.586 -0.014 0537 0.163 21 21
Preferences: nancial risk 0.245 0.291 -0.046 0.702 0.083 21 22
Preferences: time 0.487 0.573 -0.087 0.856 0.080 21 22

Notes: These tables report the same estimates as[Figure 3|and[Figure 4] All outcomes shown are collected
via our surveys, except for employment and unemployment, which are drawn from administrative records.
P-values are based on randomization inference, SE are robust standard errors for the treatment e ect
(di erence). n; and n, are the number of treated &% control observations, respectively.
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4.2 Synthetic control municipalities

We next consider the comparison of municipality-level outcomes between Gra-
matneusiedl and the pre-registered synthetic control. For this comparison, we use
municipality-level administrative data on unemployment (total, long-term, and short-
term), employment, and inactivity. Our synthetic control estimates are shown in|[Figure 5|
and[Figure 6| The top row of these gures plots the realized trajectory for Gramatneusied|
against the realized trajectory for the synthetic control. The plots show outcomes for both
the pre-period and since the start of the program.

The monthly series for unemployment (total, long-term, and short-term) align re-
markably well between Gramatneusiedl and the synthetic control in the pre-period. Note
that this is not mechanical: The construction of the synthetic control used only annual
total unemployment for the preceding decade, and was not based on these monthly series.

The second row of [Figure 5| and [Figure 6] plots the gap between Gramatneusiedl and
the synthetic control, and the corresponding gap for 25 permutations/=| This permu-
tation approach provides a formal analog to randomization inference. For each of the
permutations, we consider another municipality as ctitiously treated, construct a syn-
thetic control for this municipality, and plot the corresponding outcome gap. Extreme
gaps for Gramatneusiedl, relative to these permutations, indicate program e ects that
are arguably not just driven by random uctuations. Correspondingly, the last row of
these gures plots the rank of Gramatneusiedl among the permutations.

When interpreting the following ndings, it is important to note that program eligibil-
ity was determined based on residency in the municipality of Gramatneusiedl, while our
aggregate data are available at the level of a zip code. This zip code is a larger geographic
unit than the municipality of Gramatneusiedl. In particular, in September 2020 about
50% of the long-term unemployed individuals residing in the zip code were also residents
of the municipality, and thus eligible to participate in MAGMA.

Findings As expected, the program has a large e ect on long-term unemployment in
the municipality. By the time both groups of eligible participants were enrolled in the
program, in April 2021, long-term unemployment had been reduced by about 1.5 per-
centage points, down to less than 1% as a share of the working age population. This
was a larger reduction than for any of the 25 permutation municipalities, which can be
interpreted as an e ect that is signi cant at the 5% level. Recall that all long-term un-
employed residents of Gramatneusiedl were eligible to enroll in the program after April
2021, but participation was voluntary. Our estimates re ect the fact that the program
was successfully implemented and take-up was widespread.

Consider next the impact of the program on total unemployment, which is the sum of

SFigure A.3|in|Appendix B|provides an analogous gure for the 10 years prior to the program, where
unemployment gaps are close to 0 mechanically, by construction of the synthetic controls.
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long-term and short-term unemployment. This total impact is negative. The synthetic
control estimate suggests a reduction of the unemployment rate by about 1 percentage
point, from 5% to 4% in 2021, and from 4% to about 3% in 2022 (though this e ect is
not signi cant, according to permutation inference). Correspondingly, Gramatneusiedl is
around the 30th percentile in terms of the relative reduction of unemployment, compared
to the permutation municipalities. This total e ect suggests that the program was suc-
cessful in reducing unemployment in the aggregate, and did not simply lead to crowd-out
of other forms of employment. There is however also some pre-period di erence in em-
ployment, and the e ect on total employment is less clear-cut than the e ect on long-term
unemployment.

Any gap between our estimated e ects on long-term and total unemployment is the
e ect on short-term unemployment. There are some uctuations over time, but it appears
that Gramatneusiedl experienced no increase of short-term unemployment relative to the
synthetic control. The estimated relative increase uctuates around the 60th percentile
among permutation municipalities. This suggests that there were no systematic negative
spillovers of the job guarantee on the short-term unemployed, who are not eligible to
participate.

One might conjecture that the reduction of unemployment is driven by a transition
of the unemployed out of the labor force, for instance into (early) retirement or into a
certi ed disabled status, in order to avoid work requirements associated with the job
guarantee. That this is not the case for the program studied here is veri ed by [Figure 6]
The left column of this gure shows e ects on employment, and the right shows e ects on
\inactivity" (i.e., the share out of the labor force) [ The point estimate of the increase
of employment in Gramatneusiedl, relative to the synthetic control, is about the same
as the reduction of unemployment. The point estimate of the change of inactivity is
slightly negative. In light of both pre-treatment di erences and statistical uncertainty,
these estimates should however be taken with a grain of salt. That said, there is no
evidence here that the program increased transitions out of the labor force.

Cumulative e ects and composition of jobs To assess whether the increase in
employment came only through direct provision or whether the program also a ected
transitions into regular and self-employment, we next compare employment status in
cumulative days over the program duration per person between participants in Gramat-
neusiedl and their (initially long-term unemployed) counterparts in the control towns.
reports the cumulative number of days spent in each employment status over
the full program period. [Figure 7b| shows the evolution of cumulative days per person in

4While unemployment, employment, and inactivity sum almost to 1, there is a small residual category
of people who are currently in AMS training. This category amounts to about 1-2% of the population,
who are not included in either of the three other categories. If anything, there was a small reduction of
the rate of \inactivity."
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Figure 5: Synthetic control estimates of the program e ect on unemployment

Outcome levels
Gramatneusiedl, and synthetic control.

Unemployment Long-term unemployment Short-term unemployment
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4% \fﬂ/\/\\/\\/\/
20/0
0% Wave 1 Both waves Wave 1 Both waves Wave 1 Both waves
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Treatment effects
Gramatneusiedl minus control, and

Unemployment Long-term unemployment Short-term unemployment
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Unemployment Long-term unemployment Short-term unemployment
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Year

Notes: Monthly series of municipality-level outcomes from administrative data. The top row shows
outcomes for Gramatneusiedl and for the synthetic control. The absence of a gap in the pre-period is not
mechanical, since the synthetic control was constructed based on annual data on total unemployment.
The middle row shows gaps (estimated treatment e ects) relative to the synthetic control where, for
each of 25 comparison municipalities, a synthetic control is constructed. The bottom row shows the
rank of the gap for Gramatneusiedl relative to these comparison municipalities, providing the analog of
a p-value.

unsubsidized employment over time.
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Figure 6: Synthetic control estimates of the program e ect on employment and inactivity

Outcome levels
Gramatneusiedl, and synthetic control.
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Compared to the control towns, participants in Gramatneusiedl spent substantially
more time employed: 771 versus 216 days, on average, within 3.5 years; cf. [Figure 7]
Most of this increase re ects subsidized jobs provided by the program. However, employ-
ment days outside the program also rose, producing a cumulative increase in unsubsidized
employment of 17 percent, from 169 to 198 days. The job guarantee also doubled the
number of days in self-employment from 8 to 17. At the same time, registered unemploy-
ment was markedly lower in Gramatneusiedl|, by 62 percent or 442 days, and time out of
the labor force declined by 36 percent or 113 days.

Figure 7: Cumulative days per person

(a) Employment status (b) Unsubsidized employment

GN Ct Gramatneusied|, and

200

Total Employment 771 216

Subsidized 556 38 150
Unsubsidized 198 169
Self-employment 17 8

100

Registered Unemp. 275 717
Out of Labor Force 201 314

50

Cumulative days per person

Notes: Subsidized employment, unsub-
sidized employment and self-employment 0

sum up to total employment. Feb Aug Feb Aug Feb Aug Feb
2021 2021 2022 2022 2023 2023 2024

Earnings of participants Using administrative data (from the \AMDB Erwerbskarri-
erenmonitoring'), we can measure earnings for all residents of both Gramatneusiedl and
of the control towns, who satis ed the eligibility requirement of 9 months unemployment
at baseline. plots these monthly earnings over time.

Participant earnings rise markedly after the program start, as expected. In control
towns, earnings rise as well, as some of those unemployed at baseline transition back into
employment. Average earnings in control towns however only ever reach about half of
those in Gramatneusiedl. Pre-treatment trends are closely aligned.

Transitions out of unemployment Figures[5and[6 show the evolution over time on the
stocks of unemployment and employment in Gramatneusiedl and the control towns. We
next discuss ows out of unemployment. To motivate this analysis of ows, we consider
a search model of the labor market in Appendix Our search model predicts that
the incentives for reduced search e ort provided by the job guarantee should manifest
as both lower hazard rates out of unemployment, and a faster decline of these hazard
rates over time, relative to the counterfactual of no job guarantee. Relatedly, models of
labor market spillovers also suggest that negative employment spillovers are strongest for
ineligible workers most similar to the long-term unemployed, which are the workers who
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Figure 8: Average gross monthly earnings for those eligible at baseline

Gramatneusiedl, and

1,000

Euros

500

0 Wave 1 Both waves

2019 2020 2021 2022 2023 2024

Notes: This gure shows average gross monthly earnings (with no adjustment for con-
trols) in the treated and control municipalities, for those unemployed 9 months or more
at baseline. Earnings are based on the assessment basis for social insurance contributions
recorded in the \AMDB Erwerbskarrierenmonitoring™ database. Data for December 2021
were interpolated to address irregularities in reporting. Bonus payments (13th and 14th
salaries) were excluded to smooth seasonal volatility.

are close to but still below the threshold of eligibility.

Are these predictions of our model borne out in the data? We calculate hazard rates
as follows ™ Using the full sample of all residents registered with the public employment
service, and drawing on data from the \AMDB Erwerbs-karrierenmonitoring™ database,
we create a sample of unemployment spells. Every spell starting after October 2020 and
before December 2023 is included. For each duration, rounded up to months, we calculate
the number of transitions from unemployment to employment, and divide by the stock
of unemployed workers. We do this separately for Gramatneusiedl and for the synthetic
control municipalities.

The resulting estimates are shown in [Figure 9 We nd that the transition rate into
employment was higher in Gramatneusiedl, for every spell duration below the MAGMA
eligibility threshold of 9 months, and the decline of hazard rates was slower. This is
contrary to the predictions of both the search model and of a model of negative spillovers
with worker heterogeneity. Regardless of standard errors, we thus cannot reject the
null hypothesis that the job guarantee did not decrease search e ort. We however can
reject any economically signi cant negative impact on transition rates. After 9 months,
transitions into employment in Gramatneusiedl increased further. This increase was due
to the mechanical e ect of the job guarantee program.

5This part of our empirical analysis was not pre-registered.
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Figure 9: Hazard rates out of unemployment

Gramatneusiedl, and synthetic control.

Transition rate
[ § o
~ [o)

o
o

0.0
1 2 3 4 5 6 7 8 9 10 11 12 13 14

Duration (months)

Notes: This gure shows hazard rates from unemployment to employment in the treated
and control municipalities, between October 2020 and December 2023. Hazard rates
are calculated from the \AMDB Erwerbskarrierenmonitoring™ database. Job guarantee
eligibility starts after 9 months. The bands show pointwise 95% con dence intervals.

4.3 Comparison to individuals in control towns

We nally consider results based on our third identi cation approach. For this ap-
proach, we compare participants in both Group 1 and Group 2 to similar individuals in
three of the towns that are part of our synthetic control. We have surveyed individuals
in the towns of Ebreichsdorf, Zeillern, and Ru bach, which are the three towns with
the largest synthetic control weights, amounting to 82.4% of our synthetic control. We
contacted individuals in these towns who were selected based on the same criteria as
program participants in Gramatneusiedl. In particular, these are individuals who had
unemployment spells of at least 9 months in September 2020. \We observe the same
baseline covariates for these individuals as we used for the construction of our matched
pairs in the experimental sample. The reported estimates adjust for any di erences in
these baseline covariates (again the same covariates as listed in[Table 1)). We observe ad-
ministrative and survey outcome data in February 2021 (when Group 1 was treated, but
Group 2 was not yet treated), and February 2022 (when both groups had been treated
for at least 10 months).

The resulting estimates are shown in[Figure 10]and[Table 5|for economic outcomes and
[Figure 11] and [Table 6] for other outcomes™| In both gures, we show outcomes for 2021
at the top, where we separate individuals in Group 1, Group 2, and the control towns, and
outcomes for 2022, where we compare all eligible individuals in Gramatneusiedl (Group

16The standard errors here are heteroskedasticity robust standard errors, capturing statistical uncer-
tainty for the e ect of residing in Gramatneusiedl versus a control municipality. These standard errors
condition on the given municipalities, rather than treating municipalities as draws from some super-
population.
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1 and 2), to individuals in the control towns.

[Figure A.5 and [Figure A.6 show corresponding con dence intervals. con-
trasts Group 2 to control town individuals in 2021, thus providing an estimate of the
average anticipation e ect on the treated. contrasts both groups to control
town individuals in 2022, thus providing an estimate of the average total e ect on the
treated.

Findings For the economic outcomes, including employment, unemployment, income,
and economic security, the comparison of Group 1 to control town individuals in 2021
yields estimates that are indistinguishable from the estimates based on the experimental
comparison. This again suggests that there are no anticipation e ects for job search,
corroborating the nding of [Figure 9, and contradicting the implications of the search
model of [Appendix Al

By contrast, a number of the non-economic outcomes show evidence of positive an-
ticipation e ects. Outcomes such as social status and well-being change show signi cant
positive e ects, and a number of other outcomes such as social inclusion, anxiety, and
depression show positive but insigni cant e ects.

Furthermore, the e ects documented using our experimental comparison, on employ-
ment, income, and economic security, latent and manifest bene ts, well-being change,
and Covid stress persisted into 2022. These were thus not just short-term e ects; the
e ects were maintained over the course of the program.
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Figure 10: Control town comparisons with linear controls, economic outcomes
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Notes: These estimates are also tabulated in [Table 5
Figure 11: Control town comparisons with linear controls, other outcomes

Outcomes for 2021
Group 1 (treated), Group 2 (control), and Control towns.
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Notes: These estimates are also tabulated in [Table 6
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Table 5: Control town comparisons with linear controls, economic outcomes

2021
Outcome Treated Control Control towns Ct vs. Ct towns SE n; ny ng
Not unemployed 0.688 0.147 0.080 0.065 0.053 31 31 211
Income 0.640 0.447 0.443 0.009 0.016 19 19 59
Economic security 0.598 0.441 0.427 0.012 0.038 21 22 63
Employment 0.531 0.061 0.041 0.018 0.039 31 31 211
2022
Outcome Gramatneusiedl Control towns Gn vs. Ct towns SE Nmt Ngt
Not unemployed 0.727 0.240 0.486 0.034 62 211
Employment 0.585 0.114 0.471 0.046 62 211
Economic security 0.572 0.453 0.119 0.037 45 61
Income 0.570 0.502 0.068 0.035 42 56

Notes: These tables report the same estimates as [Figure 10| [Figure A.5, and [Figure A.6 Employment
and unemployment are drawn from administrative records. Income and economic security are collected
from our surveys. SE are robust standard errors for the comparison of the control group (Group 2) and
control town individuals (2021), and for the comparison of both groups and control town individuals
(2022). n; and n; are the number of treated and control observations, respectively, and np¢ and nge are
the number of Gramatneusiedl and Control town observations.
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Table 6: Control town comparisons with linear controls, other outcomes

2021
Outcome Treated Control Control towns Ct vs. Ct towns SE ni ny ng
No covid stress 0.860 0.661 0.632 0.027 0.067 20 22 62
Physical health 0.823 0.751 0.689 0.059 0.054 20 22 62
No anxiety symptoms 0.807 0.750 0.704 0.040 0.062 20 22 62
Social network 0.776 0.754 0.764 -0.013 0.033 12 12 45
Social inclusion 0.760 0.563 0.437 0.124 0.100 21 22 66
Well-being change 0.733 0.604 0.473 0.144 0.059 21 22 71
Well-being scale 0.707 0.588 0.494 0.084 0.063 20 22 62
No depression symptoms 0.697 0.651 0.613 0.030 0.065 20 22 62
Latent and manifest bene ts 0.676 0.580 0.561 0.018 0.039 21 22 68
Social status 0.599 0.606 0.498 0.115 0.051 21 22 68
Number of contacts 0.567 0.570 0.665 -0.057 0.143 21 22 66
Preferences 0.454 0.461 0.447 0.015 0.027 21 22 63
Subjective health 0.437 0.418 0.430 -0.006 0.057 20 22 661
2022
Outcome Gramatneusiedl Control towns Gn vs. Ct towns SE Nmt Net
Social network 0.786 0.771 0.015 0.040 26 39
No anxiety symptoms 0.740 0.651 0.088 0.061 44 58
Physical health 0.721 0.662 0.059 0.040 44 58
No covid stress 0.713 0.626 0.087 0.061 42 53
Well-being change 0.655 0.477 0.178 0.051 45 62
Latent and manifest bene ts 0.654 0.524 0.130 0.030 45 60
No depression symptoms 0.617 0.580 0.037 0.051 44 58
Social status 0.605 0.473 0.132 0.034 46 62
Social inclusion 0.603 0.537 0.065 0.100 45 61
Preferences 0.518 0.491 0.026 0.019 44 58
Subjective health 0.439 0.374 0.065 0.052 44 58
Number of contacts 0.437 0.502 -0.065 0.102 47 61

Notes: These tables report the same estimates as [Figure 11} [Figure A5 and [Figure A6l All outcomes
shown are collected via our surveys. SE are robust standard errors for the comparison of the control

group (Group 2) and control town individuals (2021), and for the comparison of both groups and control
town individuals (2022). n; and n, are the number of treated and control observations, respectively, and
Nmt and n¢t are the number of Gramatneusiedl and Control town observations.
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4.4 Cost comparison

We next turn to an evaluation of program costs. We again compare program partici-
pants, in both Group 1 and 2, to comparison individuals in control towns['’] We obtained
daily, individual-level expenditure data from the AMS, covering the entire period of the
program up to March 2024. Total expenditures include (i) bene t payments, including
unemployment bene ts (incurred by the social insurance system and administered by the
AMS), and (ii) program costs (incurred directly by the AMS). Bene t payments include
both direct transfers to recipients (net bene ts) and payments into the pension and health
insurance system. Program costs include conventional active labor market policies, such
as coaching, job training, and hiring subsidies, but also the costs of the Marienthal job
guarantee (including wages, social insurance contributions, payroll taxes, and overhead
costs). The social enterprise implementing MAGMA furthermore generated some revenue

owing back to the AMS. We obtained these data from the AMS. There are, lastly, scal
externalities in the form of tax and social insurance payments owing back from program
participants to the public sector, which we impute.

Program costs for the AMS The job guarantee increased labor market policy ex-
penditures in the rst 18 months; thereafter expenditures declined relative to the initial
phase of the program, as shown in This decline over time re ects a reduction
in bene t claims due to an increase in unsubsidized employment. The program led to a
compositional shift from passive (social insurance) to active (AMS) labor market policy
spending. Over the full program period (October 2020 to March 2024), the job guarantee
increased monthly labor market policy expenditures per registered long-term unemployed
job seeker by 28 percent, from 850 Euro to 1,092 Euro (see [Table 7). The bulk of this
increase was concentrated in the rst half of the program, at 37 percent relative to the
control group, whereas it declined to 15 percent thereafter; cf. Tables in the
appendix.

Participant income and goverment revenue While the program increased costs
for the AMS, it also increased participant income, and thereby indirectly increased
government revenues from tax and social insurance (SI) payments. Income includes
both earnings and bene t receipt. As shown in Table [7, participant gross earnings, as
measured using administrative data, increased by 597 Euro per month over the program
period. In Austria, the sum of payroll taxes and social insurance contributions equals
37% on average, for workers in the relevant wage bracket. Allowing for the possibility
of lower tax or insurance rates that might apply to the program participants, we can
conservatively estimate that about 25% of gross earnings directly ow back to the public
sector; the implied increase of net earnings is 447 Euro per month. Net bene ts for

YFor this comparison, we do not adjust for linear controls, to transparently present the observed
monetary costs.

36



Figure 12: Expenditures per person and month
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Notes: Total expenditure per participant and month, decomposed into programs, and bene ts, calculated
from daily, individual-level expenditure data from the AMS. Net program costs refer to active labor
market policy; Bene t payments refer to passive labor market policy. Program costs are net of revenues
of the public enterprise. Control individuals are identical to those in our third identi cation approach
(Section |4.3)): Individuals unemployed at least nine months in September 2020, from the three towns
with the largest synthetic control weights.

participants (i.e., bene t payments net of contributions to the Sl system), on the other
hand, declined by 345 Euro per month. Summing net earnings and net bene ts, their
net income thus increased by 102 Euro.

We can furthermore impute tax and SI payments owing back to the public sector,
estimating tax and Sl revenues from earnings as 0.25  gross earnings. We furthermore
impute Sl revenues from bene t payments directly from AMS data. On net, these num-
bers imply that the program increased government revenues by 5 Euro per participant and
month. This modest net increase re ects the fact that a nontrivial share of SI revenues
accrues through bene t payments owing back to the state. Subtracting this from the
total cost for the AMS yields a net cost for the public sector of 237 Euro per participant
and month.

Marginal value of public funds To summarize, the net cost of MAGMA for the public
sector equals 237 Euro per participant and month, while participant income increased by
102 Euro, and participant non-economic wellbeing increased signi cantly.

How should the total value of this program be assessed? What is the marginal value
of public funds spent on a job guarantee like MAGMA? A complete assessment would
require us to assign a monetary value to the non-economic bene ts for participants that we
documented above (including the signi cant increases of the latent and manifest bene ts
of work, the reduction in pandemic-related stress, and the improvement of self-reported
well-being and economic security), in addition to the economic bene ts (including the
increased earnings and income as well as income security).
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Table 7: Expenditures and revenues per person and month, October 2020 to March 2024

Gramatneusiedl Control towns Di erence

AMS
Program costs 974 127 847
Bene t payments 234 723 -489
- Revenues of social enterprise -116 0 -116
Total costs for AMS 1,092 850 242
Public sector
- Imputed tax and Sl revenue -342 -337 -5
Net costs for public sector 743 510 237

Participant income

Gross earnings 1,104 507 597
Imputed net earnings 828 381 447
Net bene ts 168 513 -345
Imputed net income 996 894 102

Notes: The cost comparison covers the full program duration. All numbers are in Euro per person and
month without adjustment for linear controls. Program costs refer to active labor market policy; Bene t
payments refer to passive labor market policy. Program costs and net bene ts are constructed from daily
individual-level expenditure data provided by the AMS. Revenues of social enterprise are provided by the
AMS on a monthly basis. Gross earnings are obtained from daily individual-level records in the AMDB
register. Tax and social insurance revenues for bene ts and earnings are imputed. These imputations
yield measures of bene t payments, net earnings, and net income. Control individuals are identical to
those in our third identi cation approach (Section [4.3): Individuals unemployed at least nine months in
September 2020, from the three towns with the largest synthetic control weights. See Appendix Tables
[A.8A.9] for a split of the program duration into the rst and second halves.

Assigning such a value is a fundamentally normative choice, rather than an empirical
question, and as such is beyond the scope of the present paper. We can, however, ask
the reverse question: How large would such a value need to be in order to rationalize
the program? Assuming that participant income is valued as highly as public funds (a
reasonable presumption given that participants are relatively disadvantaged) implies that
net cost of the program net of participant income equals about 237 102 = 135 Euro per
month, averaged over the duration of the program. The program can thus be rationalized
if and only if the societal value assigned to the (signi cant) improvement of participant
well-being exceeds the (modest) net cost of 135 Euro per month.

Dynamics over time The scal e ects of the program display a pronounced temporal
pattern (Appendix Tables [A.8HA.9). Costs are front-loaded and decline markedly over
time, as participants transition into non-subsidized employment. In the rst 21 months,
imputed tax and Sl revenues from bene t payments exceeded those from earnings, re-
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sulting in net costs for the public sector of 443 Euro per participant and month.

In the second 21 months, net costs fell substantially, averaging 96 Euro per participant
and month for the AMS and 41 Euro for the public sector as a whole. This decline re ects
lower program expenditures as participants moved into non-subsidized employment while
earnings based tax and Sl revenues became more important, relative to bene t related
Sl payments. Over the same period, the e ect on imputed net income rose to 228 Euro
per participant and month.

5 Conclusion

We conclude by summarizing our evaluation approaches and main ndings, before
discussing bigger-picture takeaways and avenues for future research. Our evaluation is
based on several experimental and non-experimental contrasts, as summarized in Table
[Bl We use an experimental staggered rollout design, comparing earlier and later entrants
into the program, to identify direct e ects of the job guarantee on the treated. We use
a synthetic control approach at the municipality level to identify spillover e ects of the
job guarantee on the untreated, as well as the average total e ect of the job guarantee
on the labor market. And we compare program participants to observationally similar
individuals in control towns, to separate out anticipation e ects, and to estimate the
long-term e ects of the job guarantee.

Assignment to the two groups (early and late entrants) in the experimental comparison
is based on pairwise matched random assignment. This approach allows us to increase
the precision of our estimates by making the two groups observationally as similar as
possible. This reduces standard errors relative to conventional random assignment, which
is particularly relevant given our small sample size. Both the pairwise matches and
the synthetic control weights were pre-registered. This ties our hands and prevents us
from cherry-picking results, including for the observational comparisons in our evaluation.
Our inference approach is primarily based on randomization inference (permuatation
inference). This guarantees nite sample validity without any asymptotic approximations.
In [Appendix B we also report conventional con dence intervals, using robust standard
errors; the conclusions remain unchanged.

Turning to our empirical ndings, a rst remarkable fact is the high take-up of the
voluntary program: everyone o ered a job after completing the 8-week training phase
accepted this job. In our experimental comparison, we nd large positive e ects of the
job guarantee on participants’ economic and non-economic well-being. This includes
e ects on employment, income, and income security, which are expected given the nature
of the program. This also includes large positive e ects on time structure, activity, social
contacts, collective purpose, and social recognition[®¥| These non-econonomic e ects of

8In addition to the direct e ect of guaranteed work, the easing of conditionality and the changed
relationship with the AMS caseworker may have contributed to these e ects. We thank an anonymous
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employment have been discussed in the sociological literature, mostly in the context of
observational studies, but have received less attention in economics. We do not nd
e ects on physical health and economic preferences, including time and risk preferences,
reciprocity, altruism, and trust. The estimated e ects persist over time. We further
nd a large reduction of municipality-level unemployment, which is driven by a near-
elimination of long-term unemployment[®® There appears to be no increase of short-
term unemployment. The program raised total employment by 555 days per participant,
driven not only by direct job provision, but also by a 17 percent increase in unsubsidized
employment and a twofold rise in self-employment. While the program raised direct costs
for the AMS in the short run, these were o set over time by increased transitions into
non-subsidized employment, resulting in lower net costs in the long term. Net costs to the
public sector were further reduced by increased tax and social insurance payments from
participant earnings, in particular after the rst 18 months. The decline in net costs over
time, combined with the sustained gains in earnings, suggest that the long term scal
and income e ects outweigh the initial investment required to implement the program.

These ndings have implications for both policy and future research. First, our nd-
ings suggest that the job guarantee is a promising policy instrument to reduce long-term
unemployment, and to improve the well-being of the unemployed. Crucial for this con-
clusion was our focus on participant well-being. This contrasts with a focus on market
employment as the primary outcome for most existing evaluations of active labor market
programs.

Our study is based on a small-scale pilot program in a single municipality. It would be
desirable to see evaluations at a larger scale, and in di erent contexts to inform a possible
larger rollout, recently debated in parliaments (Senate, 2023; Parliament, [2023). Some
may be possible through the funding for additional job guarantee pilots provided by the
European Commission, which was informed by the Marienthal pilot. Several international
organizations have cited the Marienthal pilot as a promising example of a job guarantee,
and have called for further pilots and evaluations, see for instance ILO| (2021); OECD
(2023); UN Special Rapporteur (2023).

Turning to implications for future research in labor economics, our study points to-
ward the importance of non-economic dimensions of employment. Labor economists
conventionally model labor supply decisions as resulting from a trade-o between mone-
tary returns and the disutility of work. Sociologists, however, have long recognized that
employment also has non-economic bene ts. While much of the existing evidence on
these bene ts is correlational, our study provides causal evidence for the importance of
these non-economic bene ts of employment. Explicit consideration of these non-economic

reviewer for this suggestion.

9The program involved employment in a specially created social enterprise. This might have limited
the relevance of some displacement or crowd-out mechanisms in the labor market. We again thank an
anonymous reviewer for emphasizing this point.
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bene ts of employment might contribute to a re ned understanding in economics of labor
supply and labor market dynamics more generally.
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A Unintended consequences: Theory and evidence

How do our empirical ndings compare to the predictions of economic theory? We will discuss
two theoretical models of the e ect of a job guarantee for the long-term unemployed. The rst
model captures possible incentive e ects of such a job guarantee: Anticipation of a guaran-
teed job might impact the search e ort of the unemployed, and thereby reduce hazard rates
out of unemployment. The second model captures possible spillover e ects of a job guaran-
tee: Employment in the program might displace market employment, by substituting labor in
guaranteed jobs for labor at private employers.

Neither of these predictions are borne out in our data. We nd no evidence for either antic-
ipation e ects on job nding rates, or for displacement of other jobs. The lack of anticipation
e ects suggests that there is only limited scope, for those who are at risk of long-term unemploy-
ment, to increase their job nding rates via increased search e ort. The lack of spillover e ects
suggests that the type of services provided by program participants do not act as a substitute
for services provided via market employment.

A.1 A search model of incentives in a job guarantee program

Our rst model is a search model of unemployment in the presence of a job guarantee, in the
spirit of [Van den Berg| (1990); |Pissarides| (2000). Here we focus on worker search e ort, and
sidestep questions of equilibrium. Using this model, we analyze the incentives introduced by a
job guarantee for the long-term unemployed, derive the implied time dynamics for transition
rates out of unemployment, and characterize comparative statics with respect to the parameters
of a job guarantee. We then compare these predictions to our estimated time-dynamics of
transitions out of unemployment, where we use our synthetic control comparison towns to
estimate the e ect of the job guarantee on these dynamics.

Assumptions Lett 0 denote the time since a worker became unemployed. At each time
t, a worker can be in one of three states. They can be unemployed (subscript u), employed in
the regular labor market (subscript e), or employed via the job guarantee program (subscript
g). The worker’s ow utility depends on their income and on job amenities in each state,
both of which we assume to be exogenously given and known to the worker. Flow utility
in unemployment is vy, ow utility in market employment is ve, and ow utility in the job
guarantee is vq. The worker’s discount rate equals

The ows between di erent states are summarized in Figure and are determined as
follows. Jobs on the regular labor market dissolve at an exogenous rate . Guaranteed jobs do
not dissolve. Unemployed workers can search for a job, which they nd at a rate . This is
a choice variable, which might vary over time. A search e ort that yields § has a ow cost
of c( ), where the function c() is strictly increasing and convex. Similarly, workers with a
guaranteed job can search for market employment, which they nd at a rate 4. A searche ort
that yields 4 again has a ow cost of ¢( 4). Unemployed workers who have been unemployed
for at least T time periods (t T) can enter a guaranteed job. If t is measured in months, then
T = 9 in our context. Assuming that vy vy (i.e., the job guarantee is more attractive than
unemployment), this implies that unemployed workers with t T will deterministically enter
the job guarantee; formally at an in nite rate.

Bellman equations Denote the expected discounted utility of an unemployed worker at
time t by V!, of an employed worker by Ve, and of a worker in the job guarantee by Vy. Write

= @@\o/t“t for the time derivative of V!. Based on our assumptions, we get the following Bellman




Figure A.1: Flows between employment states
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Notes: Therates 4 and { are choice variables, where the latter might be a function of unemployment duration
t. Both of these rates might be equal to 0, depending on parameters.

equations for the expected discounted utility of workers in the di erent states:

Vi=vy o +\! + Love VH ift<T;
Ve = Ve + (V0 Ve
Vg=vg ¢( g) + g (Ve Vo) (1)

Only V}tand § are functions of t in this model; utilities and transition rates are time-invariant
in all other states, by construction. For t T, we get the boundary condition V! = V:

Optimal search rates Since c() is strictly increasing and convex, the rst order conditions
for optimal search rates imply

A u®) =Ve VS A g)=Ve Vg (2)

Since c( ) is strictly increasing, the latter equation implies that 4 = 0 if Vg > V. This holds in
particular if vq > ve. Therefore, if the ow utility in the job guarantee program exceeds that of
market employment, then the job guarantee is an absorbing state. This simpli es the Bellman
equation for Vg to Vg = vg: De ne

c (V)=su%[ Vo oc()]:

This is known as the Legendre transform, or convex conjugate, of the function c¢( ). ¢ () is
again monotonically increasing and convex. Using this notation, and rearranging the Bellman
equation for V! gives

Vi= v+ VP o (Ve VY: ©)

This equation de nes a rst-order di erential equation for the time path of V!

Discussion and comparative statics The solution V! to this di erential equation is in-
creasing over time, at an accelerating rate, from its initial value V2, to its maximal value Vg.
Correspondingly, u(t) = (c") (Ve V\}) is decreasing over the duration of the unemployment
spell. If Vg > Ve, so that the job guarantee is preferred to market employment, then there is a
time T! < T after which § =0, so that no more transitions to market employment occur. If
Vg < Ve, so that market employment is preferred, then ¢ also declines over time, but remains
bounded away from 0. In this case, transitions to market employment keep occurring after the
start of the job guarantee, at a rate ¢ > 0.



Two key policy parameters characterize the job guarantee in our model: The ow utility
vy, Which captures how attractive the guaranteed jobs are, and the time T at which eligibility
starts. If we increase vg, then this increases the expected discounted value Vg of a guaranteed
job, and thus increases the value of V] = Vg. This in turn decreases the optimal rate | of ows
from unemployment to market employment. Similarly, a decrease of the eligibility threshold T
shifts the solution V!, and correspondingly {, leftward. Since both V! and { are monotonic
in time, such a shift in time implies an increase of V!, and a decrease of {, for any given t.

Our exposition has abstracted from heterogeneity. In general, the ow utilities vy; Ve, and
vg will vary across workers, and the same is true for the cost function ¢ and for the transition
rates and . Heterogeneity typically leads to declining job- nding rates over time, because
the set of those who remain unemployed becomes more negatively selected (in terms of job-

nding rates) over the duration of unemployment spells. Even in the presence of heterogeneity,
however, the key empirical prediction of our search model remains the same: The incentives
for reduced search e ort provided by the job guarantee should manifest as both lower hazard
rates out of unemployment, and a faster decline of these hazard rates over time, relative to the
counterfactual of no job guarantee.

A.2 Spillovers and labor demand

Having considered possible incentive and anticipation e ects of a job guarantee on the unem-
ployed, let us now turn to a discussion of possible demand spillovers and substitution e ects
across workers.

Assumptions Consider the following stylized, static model of labor demand. There are two
types of workers, j = 1;2. Type 2 workers are at risk of long-term unemployment, while type
1 workers are not. Type 2 workers are eligible for a guaranteed job, when a job guarantee is
introduced. The total output of the local economy is determined by the production function

y = F(N1; N2); 4
where N; and N» are the numbers of employed workers of type 1 and 2, respectively. Denote
. . . _ @f o @Zf ...
the derivatives of f by f; = N and fjj = @N; 0N If employers are pro t maximizing and

J

take wages as given, then they will hire workers up to the point where wages w; are equal to
marginal productivity. We get w; = f; for j = 1,2, and thus in particular

wy _ Fp

w T ©
Relative wages in competitive markets with full employment A large literature has
studied the impact of changes in the labor supply of di erent workers on wage inequality, assum-
ing full employment and competitive wage setting, where wages equal marginal productivity.
This includes the literature on the impact of immigration on wages, and the literature on skill
biased technical change; cf. |Card| (2009); [Boustan| (2009); |Autor et al.| (2008).

Consider the elasticity of relative wages with respect to relative labor supply. Assuming
constant returns to scale of f, this elasticity can be written as

@log 3 @log 3t  @log 3t
Blog N @log(N2) — @log (Ny)

=(fu  f) Il\cllli (6)

Many papers in this literature estimate regressions of log % on log “—; , possibly using

instruments or natural experiments, and interpret the slope of such regressions as the inverse
of the elasticity of substitution



Employment rates at xed wages The interpretation of such regressions in terms of a
production function f assumes full employment for all types of workers, as well as wage setting
by pro t maximizing employers in a competitive labor market. In the institutional context of
the Austrian labor market, and especially in the short run, it is however more realistic to assume
that wages are xed by collective bargaining at the sectoral level, and that adjustments in local
labor markets happen through the employment margin.

Suppose thus in particular that wy is xed. Suppose further that the number N, of employed
type 2 workers is exogenously increased via the job guarantee program. What is the impact of
this increase on labor demand for type 1 workers? If type 1 workers are hired up to the point
where their marginal productivity is equal to their wage, then w; = f;. Di erentiating this
condition with respect to N> yields 0 = f1; g% + f12, which implies

@log(N1) _  fio N2 @

@ log(N2) fir Np
It is interesting to compare the expressions in Equations @ and . The impact of an increase
of the supply of N, workers, in the competitive setting and assuming constant returns to scale,
depends on the di erence between f1» and f1;. If 12 > 17, then an increase of N, leads to a
relative increase of the wage of type 1. By contrast, in the setting with xed wage w; and for an
exogenous increase of the number N, of employed type 2 workers, the impact on the number of
employed type 1 workers depends on the ratio of 1, and f1;. It is plausible to assume 11 <0
(decreasing returns to scale, when holding other factors xed). Under this condition, Nj is
increasing in Ny if 1o > 0, and decreasing otherwise. Furthermore, N1 is decreasing less than
N is increasing (g% > 1) whenever f1, > f1;. If this condition holds, then total employment
goes up whenever N5 is increased via the job guarantee. This condition holds if and only if the
elasticity of substitution is positive, that is, if a relative increase of labor supply leads to a
relative decrease of wages.

Comparison to empirical ndings This theoretical characterization suggests two empirical
questions: (1) As more workers are enrolled in the job guarantee, does total employment N;+N>
go up? (2) As more workers are enrolled in the job guarantee, does the employment N; of type
1 workers go down? Our empirical estimates using the synthetic control approach in Section
speak to these questions. Our point estimates suggest that the introduction of the job
guarantee led to a marked decrease of total unemployment. Furthermore, we did not nd
evidence of crowd-out, that is, our ndings are consistent with a model where g% 0, that is
fi, O

B Additional tables and gures

B.1 Synthetic control: Further details



Figure A.2: Location of municipalities included in the synthetic control

Ebreichsdorf

Notes: Gramatneusiedl, the treated municipality, is marked in red. The 3 municipalities with the largest weights
in the synthetic control are marked in orange. Municipalities wi th smaller weights are marked in blue.

Figure A.3: Unemployment gap and permutation inference.

Notes: This gure shows the unemployment gap between Gramatneusiedl and its synthetic control (red), and
between each of the 25 potential control municipalities and their synthetic control (grey). This gure parallels
the second row of Figure 5, for the 10 years before the MAGMA program.
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